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We examine a phenomenon we call “credit claiming by labeling” in which a sitting 
politician places her name on a project, program, or policy with the goal of claiming 
credit for it. While the prevalence of this practice suggests that many politicians 
believe that credit claiming by labeling will aid their careers, there is little existing 
evidence on this question. We examine the effects of credit claiming by labeling 
with a survey experiment in Argentina. We find that it has a negative, though small, 
effect on respondents’ attitudes. Descriptive data suggests that these results stem 
from the perceived pervasiveness of the practice. We then use evidence from an 
additional treatment on the (un)biased selection of program beneficiaries to show 
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negative baseline beliefs about the politicized implementation of government 
programs.  
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 In countries around the world, incumbent politicians label policies, programs, and 

projects with their names. In 2001 in Argentina, for example, the governor of the province of 

Buenos Aires, Carlos Ruckauf, distributed 800,000 pairs of children’s sneakers with his name 

printed on the tongue.1 In India, local elected officials place their names on local public goods 

like water towers (Auerbach and Thachil 2023, chap. 5). At the start of the global pandemic, 

boxes of food distributed to Chilean citizens were accompanied by a letter signed by the 

president.2 In April 2020, for the first time in U.S. history, a president’s name appeared on 

checks issued by the IRS: “President Donald J. Trump” was printed on the memo line of 

payments that formed part of the coronavirus relief package.3 We consider these examples of a 

phenomenon we call credit claiming by labeling, which we define as a practice in which a sitting 

politician incorporates her proper name into the physical manifestations of a policy, project, or 

program.4  

 Though the ease of finding such examples suggests that credit claiming by labeling is 

widespread, there is surprisingly little scholarship that directly examines how voters respond 

when politicians literally put their names on government benefits.5 Presumably, politicians place 

their names on benefits in the hope of gaining popular support. On the other hand, this practice 

might alienate some voters and be politically costly. A recent controversy in Argentina illustrates 

                                                
1 See https://www.lanacion.com.ar/cultura/ruckauf-regala-zapatillas-con-su-firma-y-su-lema-a-800000-alumnos-
nid55782/ (accessed January 14 2022). 
2 According to media reports, some municipalities aligned with the president’s party instructed officials to 
“appreciate” [valorar] the president when distributing the food while also cautioning against saying that the 
president was personally gifting the boxes because “the comptroller is watching.” Reprinted online here: 
https://www.cooperativa.cl/noticias/pais/gobierno/instructivo-del-gobierno-para-entregar-ayuda-fotos-de-
funcionarios/2020-06-09/114511.html (accessed 12 January 2022). 
3 This was widely covered in the media (e.g., Olorunnipa and Rein 2020). 
4 We elaborate on this definition and provide additional examples below. 
5 One important recent exception is Hale (2022), which examines the effects of Trump’s name on COVID-19 relief 
checks on vote intention. 
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both possibilities. In May 2020, a governor was accused of placing his name on bags of rice 

distributed through a public program; photos of the labeled food items circulated widely on 

social media. Opponents criticized this apparent attempt at credit claiming, arguing that it was an 

abuse of government funds. In response, the governor denied that the photos were real and 

suggested the allegations may have been fabricated to damage him. The photo was later shown to 

have been fabricated, yet it was inspired by a real instance of credit claiming by labeling by a 

mayor—someone who clearly thought putting his name on the rice was an asset and not a 

liability.6  

Evidence from related literature also offers some support for the possibility of positive or 

negative effects of this type of practice. Existing work on credit claiming suggests that 

politicians who cultivate a personal association with government or non-governmental projects 

send voters a positive signal about their performance and/or type (e.g., Cruz and Schneider 2017; 

Grimmer, Messing, and Westwood 2012; Guiteras and Mobarak 2015).7 On the other hand, we 

know from the literature on clientelism that perceived policy manipulation can reduce a 

politician’s support, especially among voters who do not receive the benefits themselves (Botero 

et al. 2019; Mares and Young 2019; Weitz-Shapiro 2014). If credit claiming by labeling signals a 

willingness to manipulate public policy, the practice may send a negative signal to voters about a 

politician’s performance and/or type.  

 In this paper, we use a survey experiment to test whether credit claiming by labeling 

affects citizens’ perceptions of labeled programs, their beliefs about the politicians doing the 

labeling, and their vote preferences. Among an online sample of Argentine residents, we 

                                                
6 For more details, see https://chequeado.com/el-explicador/es-falso-que-la-provincia-de-buenos-aires-entrego-arroz-
con-la-inscripcion-gestion-axel-kicillof/ (accessed 4 December 2021). 
7 This existing work does not examine the phenomenon of labeling, which is the focus of this paper. 
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manipulate whether or not respondents see a mayor’s name printed on a box of food described as 

distributed to residents in a hypothetical city through a government program. The prompt 

references a common form of social policy in Argentina. Drawing on broader literatures on 

credit claiming, clientelism, and corruption, we also examine whether the effects of labeling vary 

with other program characteristics. In particular, we examine how the interaction between 

information about labeling and information about biased versus unbiased forms of benefit 

distribution affects citizens’ beliefs and perceptions.  

 We find a modest negative effect of credit claiming by labeling on satisfaction with the 

program and null effects of labeling on other outcomes. To explain these limited effects, we 

present evidence that respondents have strong baseline expectations about mayors: they expect 

that politicians will label social programs with their names and distribute these programs in a 

biased fashion. We then show that respondents, given the strength of their prior expectations, 

will reward the absence of credit claiming by labeling, but only when they also receive explicit 

positive information about program implementation. Strikingly, neither the absence of labeling 

nor information about unbiased distribution alone is sufficient to lead voters to reward 

politicians. Our results suggest that in contexts where negative expectations of politicians are 

widespread, citizens will only update their negative beliefs about politician behavior and policy 

implementation when they receive multiple pieces of evidence to the contrary.  

 

Attribution of Responsibility and Credit Claiming by Labeling  

 Public policy outcomes result from the complex interplay of choices made by elected 

politicians and unelected bureaucrats in the shadow of external shocks. As argued by Harding 

and Stasavage (2014) and Harding (2015), the electoral consequences of public policy outcomes 
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are strongest when voters can clearly trace those outcomes to particular politicians. A large 

literature highlights the range of factors that may complicate citizens’ ability to discern 

responsibility and hence attribute credit or blame for outcomes ranging from macroeconomic 

growth (e.g., Anderson 2007; Healy and Malhotra 2013; Rudolph 2003) to corruption (e.g., 

Tavits 2007) to responses to natural disasters (Arceneaux and Stein 2006; Malhotra and Kuo 

2008). Although the delivery of local public goods, like roads or schools, or social welfare 

benefits, like food stamps or boxes, may be less complex than some of these other phenomena, 

there are a number of reasons to expect that voters will still have significant uncertainty about 

who should be credited for those goods and benefits.  

 First, the public provision of goods and services often involves various levels of 

government. Many policies are designed and/or financed by higher tiers of government (typically 

the national administration) but implemented at the local level, leaving voters unsure whether 

local officials, national officials, or both should get credit for these programs (Arceneaux 2006). 

This means that the clear attribution of responsibility that Harding and Stasavage (2014) argue is 

crucial, is missing. Second, in many countries, international organizations or non-governmental 

organizations (NGOs) sometimes finance or directly provide goods and services – such as wells, 

schools, or vaccines—that are otherwise the purview of government. There is growing evidence 

that voters nonetheless credit governments for such programs, perhaps because politicians 

actively seek to claim credit for them (Baldwin and Winters 2020, 2023; Cruz and Schneider 

2017; Dietrich, Mahmud, and Winters 2018; Guiteras and Mobarak 2015).8 This hints at the third 

major challenge to accurate attribution. Regardless of how a given policy is actually funded or 

                                                
8 Baldwin and Winters (2023) discuss ways in which politicians may deserve credit even for programs that are not 
government programs per se. 
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administered, politicians who want to win elections may try to claim credit for popular and/or 

well-functioning programs.9  

 The strategies politicians employ to claim credit are diverse. Politicians may work to gain 

credit for policies by calling attention to their involvement in the policy making process in their 

communication with the public. Grimmer, Messing, and Westwood (2012), for example, show 

how members of the U.S. Congress use press releases to take credit for earmarks that they have 

inserted into bills. In varied contexts, scholars have shown that local politicians try to link 

themselves to projects and programs funded by national governments by visiting project sites, 

participating in opening ceremonies, or being present at the distribution of material benefits (e.g., 

Bueno Forthcoming; Weitz-Shapiro 2014; Baldwin and Winters 2023). Politicians have 

employed similar strategies for projects funded by international donors (Cruz and Schneider 

2017; Guiteras and Mobarak 2015), presumably in the hope that voters will thereby infer an 

association between the politician and the project. Finally, an elected official may also try a less 

subtle strategy in her pursuit of credit claiming: literally placing her name on some program, 

policy, project, or benefit.10 

 This last phenomenon, which we call credit claiming by labeling, is the focus of our 

study.11 We define credit claiming by labeling as the practice in which a sitting politician labels 

                                                
9 Politicians may also try to obscure the credit that others deserve for a government policy, project, or program. For 
instance, to prevent the opposition from taking credit for national programs, politicians may favor distribution to 
copartisan mayors (e.g., Brollo and Nannicini 2012), or they may allocate resources to non-state organizations over 
opposition mayors (Bueno 2018). 
10 In settings where literacy is limited, politicians may place their photos, rather than their names, on public benefits. 
For example, a photograph of the Prime Minister has appeared on cash transfer benefit cards in Pakistan (Jamil 
2022) and on COVID-19 vaccine cards in India (https://theprint.in/india/governance/modi-image-on-covid-
vaccination-certificate-is-self-projection-politics-some-parties-cry/612716/, accessed September 9, 2022). We also 
consider these to be examples of credit claiming by labeling. 
11 We are aware of only one other study that seeks to systematically examine the effect of this practice, using the 
case of Trump’s signature on relief checks mentioned earlier. Hale (2022) finds that survey respondents who report 
receiving a physical check with Trump’s name report higher vote intention for Trump when compared to 
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some benefit with her name, with the goal of leading voters to update their beliefs that the 

politician has played a role in creating, bringing to fruition, or managing some project, program, 

or policy.12 This concept includes cases of “deserved” credit claiming, in which politicians seek 

to claim credit for actions that they have taken to help realize some outcome, as well as cases of 

“undeserved” credit claiming, in which politicians try to claim credit for programs and policies 

for which they played no significant role.13 While the most common cases of credit claiming by 

labeling involve politicians seeking to claim credit for publicly funded projects, some may 

involve projects funded by other sources, such as NGOs or international organizations. 

Regardless, the defining characteristic of credit claiming by labeling is that a sitting politician 

tries to claim credit for a policy in her official capacity as an elected official.14 

 Other examples of credit claiming by labeling include the labeling of club goods (e.g., a 

housing program named for an elected official)15 or the labeling of notifications about 

                                                
respondents who did not receive a check or received an electronic transfer. He calls the practice “physical 
personalization” and notes other cases where politicians label club or public goods in the United States. 
12 In a related phenomenon, politicians may seek to link their opponents’ names to policies they believe will be 
unpopular in what might be considered a type of “reverse” credit claiming by labeling. In the U.S. context, the 
description of shantytowns as “Hoovervilles” during the Great Depression or Republicans’ pejorative use of the term 
“Obamacare” are examples of this phenomenon. We thank an anonymous reviewer for calling our attention to this 
possibility and for suggesting this terminology.  
13 As an example of “undeserved” credit claiming, Grimmer, Messing, and Westwood (2012) describe how 
Congressional representatives seek to claim credit for grant funding decided upon by executive agencies. 
14 Candidates regularly put their names on goods that they distribute as part of political campaigns. Our definition of 
credit claiming by labeling excludes politicians who are not currently holding office, since they cannot claim credit 
in any official capacity. The case of an incumbent politician who campaigns by distributing benefits labeled with her 
name is less clear. To the extent that there is no intent to link the benefit to the government—say, benefits are 
funded by campaign donations and labeled as such—this type of labeling does not take advantage of a politician’s 
official capacity as an elected official and would not fall under our definition. The distinction, however, is subtle and 
creates a substantial cognitive burden on voters, which perhaps explains why many countries strictly regulate 
permitted behaviors by incumbents immediately prior to elections.  
15 In India, for example, a government housing program for the poor was named for the Chief Minister of the state of 
Andhra Pradesh. See https://www.newindianexpress.com/states/andhra-pradesh/2021/jun/04/bjp-demands-pms-
photo-on-houses-for-poor-2311626.html (accessed January 28, 2022). 
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government policies (e.g., a signed letter that accompanies information about a tax rebate).16 We 

also include under our definition cases where the benefit is not as precisely delimited or targeted 

as in the previous examples, such as when elected officials include their names on signs 

identifying a public good (like a highway).17 In this paper, however, we focus on one of the most 

common and clear cases of credit claiming by labeling – the labeling of a private good (i.e., a 

box of food) that is distributed directly to citizens as part of a government program. 

  

Potential Effects of Credit Claiming by Labeling  

 The prevalence of credit claiming by labeling across the globe suggests that many 

politicians believe that associating their names with certain policies or programs will aid their 

political careers. Among voters, labeling may fulfill its intended expectations and lead citizens 

who view a personally-labeled benefit to give increased credit to the politician for the creation of 

– or some other positive involvement in – the labeled program. These beliefs could plausibly 

lead to a broader inference that the politician is a desirable type – for example, that she is 

concerned about the welfare of the poor or likely to implement policies that voters would like or 

from which they would benefit.18  

                                                
16 For example, President Biden’s signature appeared on letters accompanying COVID-19 relief payments, although 
not on the checks themselves (https://www.cnn.com/2021/05/01/politics/letters-covid-relief-biden-
signature/index.html (accessed January 28, 2022)). 
17 Club or public goods may also be labeled with the names of politicians no longer in office. When these politicians 
share a name with a sitting politician (e.g., the Mario Cuomo Bridge in New York, named when his son Andrew 
Cuomo was governor; the Néstor Kirchner Cultural Center in Buenos Aires, when his widow, Cristina Fernández de 
Kirchner, was President of Argentina), the intent to claim credit through labeling may be the same as that which we 
examine here.  
18 We adopt the view of Fearon (1999) that elections are mechanisms through which voters try to select “good type” 
politicians to govern them. The inferences that voters make about politicians based on how the latter implement 
social policy can be understood as similar to the inferences voters draw about politician type after observing 
economic performance in canonical models of voting behavior (e.g., Alesina and Rosenthal 1995; Duch and 
Stevenson 2008). 
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 On the other hand, some voters may interpret labeling as a negative signal. They may see 

labeling as a form of politicization of a government program and thus react negatively to the 

practice (Botero et al. 2019; Carlin and Moseley 2021; Mares and Young 2019; Weitz-Shapiro 

2012, 2014). Voters may also treat labeling as a signal that the politician has other undesirable 

characteristics. For instance, voters may believe that a politician who labels policies with her 

name will be more likely to be involved in corruption, patronage, or vote buying. Perceived 

politicization of a program could also suggest that there may be other problems specific to the 

implementation of that program, like the misallocation of program benefits or corruption in the 

purchase of program goods. 

 A third possibility is that credit claiming by labeling has no effect on voters’ perceptions 

or electoral behavior. This may be simply because voters considered credit claiming by labeling 

to be irrelevant. It is possible to imagine that, for some, what matters is the content of the 

program (in our case, what is inside the box) and not the way it looks (the box itself). This may 

be particularly true for beneficiaries or potential beneficiaries of the program itself. We know 

from the literature on clientelism, for instance, that voters who are not beneficiaries of a 

particular program are more prone to reduce support for a politician or party due to perceived 

manipulation of that program (e.g., Mares and Young 2019; Weitz-Shapiro 2014). Alternatively, 

even when labeling may be considered a negative practice, the effects of credit claiming by 

labeling may be limited because labeling does not drive citizens to update their beliefs about the 

politician or the program. Research on Latin America suggests that many citizens hold negative 

priors about politician behavior with respect to the manipulation of public programs and 

government spending (e.g., Arias et al. 2018; Pavão 2018). The stronger these preexisting 

beliefs, the less likely that information on labeling will be sufficient to sway these beliefs. 
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Indeed, for voters who hold strong priors about a politician’s type, whether due to their beliefs 

about other aspects of her performance, partisanship, or negative feelings about politicians in 

general, information about labeling—even if considered negative in itself— may be insufficient 

to shift assessments of politician type or citizens’ voting decisions.  

 

Interactive Effects of Credit Claiming by Labeling and Other Characteristics 

 Beyond credit claiming by labeling, other characteristics of government programs are 

likely to affect how voters perceive and evaluate programs and the politicians who implement 

them; these may also condition voter responses to credit claiming by labeling. With respect to 

social policy, one dimension of interest is whether program benefits are distributed according to 

publicly stated criteria, such as need, or whether beneficiaries are selected according to some 

other logic; in other words, whether or not distribution is programmatic (e.g., Stokes et al. 2013). 

The nature of distribution is distinct from labeling, both theoretically and empirically. Credit 

claiming by labeling can occur even when program implementation follows a programmatic 

logic, as examples including the COVID-19 relief checks in the United States and the 

implementation of the BISP cash transfer program in Pakistan show (Hale 2022; Jamil 2022). On 

the other hand, biased distribution does not necessarily involve credit claiming by labeling, as 

politicians might adopt other practices, such as a reliance on political brokers (e.g., Stokes 2005; 

Szwarcberg 2015), to reinforce clientelist practices. 

Our expectations about the unconditional effects of information about the distribution of 

program benefits are straightforward: we expect that respondents will react negatively to 

information about biased implementation and positively to information that a program’s benefits 

are distributed fairly. Of greater interest, including information about the nature of benefit 
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distribution both in the presence and absence of labeling allows us to investigate whether 

citizens’ responses to information on either of these two dimensions varies with values of the 

other.  For example, it is possible that the use of (un)biased implementation may affect how 

citizens understand labeling. That would be the case if labeling were to be understood as a signal 

of positive effort in the presence of unbiased implementation but labeling were understood as a 

negative signal in the presence of biased implementation. 

 

Empirical Setting, Data, and Intervention 

 Our data comes from an original online survey conducted by the firm Netquest in 

Argentina in March 2021.19 Argentina is a good setting to study credit claiming by labeling for a 

number of reasons. First, it is a stable democracy where peaceful and regular elections have been 

held since 1983. While partisan attachments have weakened somewhat in the past decade (see 

Lupu 2016; Lupu, Oliveros, and Schiumerini 2019), party labels still provide relatively 

meaningful information for voters. Furthermore, as a federal country with a significant level of 

decentralization, mayors – the focus of our experimental prompts – are key actors for both policy 

implementation and electoral mobilization, a combination that generates incentives for credit 

claiming. 

 Argentina is also a well-studied case of different types of political manipulation including 

clientelism (e.g., Brusco, Nazareno, and Stokes 2004; Szwarcberg 2015; Weitz-Shapiro 2014; 

Zarazaga 2014), patronage (e.g., Calvo and Murillo 2004; Oliveros 2021), and corruption (e.g., 

Botero et al. 2019; Figueroa 2021; Klašnja, Lupu, and Tucker 2021). Despite this substantial 

                                                
19 We registered a pre-analysis plan (PAP) though EGAP and follow the steps outlined there with respect to 
operationalizing variables, handling missing data, and conducting regression analyses. The PAP additionally 
elaborated a set of hypotheses about variation in responses to the treatment across different socio-economic 
subgroups of respondents; this paper instead focuses on the overall sample.   
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literature, Argentina does not appear to be an outlier in the region in terms of the actual 

manipulation of public policy for political gain. According to 2014 LAPOP data, for instance, 

Argentina ranks 15 out of 19 Latin American countries surveyed in terms of the prevalence of 

clientelism (González-Ocantos and Oliveros 2019). Moreover, an Inter-American Development 

Bank report ranks Argentina 4 out of 18 Latin American countries in terms of meritocratic hiring 

in public administration (Echebarría 2006). At the same time, Argentine citizens’ baseline beliefs 

about welfare program implementation are likely to be negative, as voters often associate 

government programs with clientelism and the use of connections to gain access to public 

benefits (e.g., Calvo and Murillo 2019). Moreover, Argentine citizens believe that corruption 

among public officials is widespread (Evans 2020). These types of negative beliefs about 

politician behavior are also commonplace throughout Latin America, for example in Mexico 

(e.g., Arias et al. 2018; Chong et al. 2015) and Brazil (Pavão 2018).20   

 We collected a sample of N = 1,802 respondents who participate in Netquest’s online 

panel in Argentina.21 The sample is designed to be representative of the national population in 

terms of gender, age, region, and socioeconomic status.22 Respondents in the panel are awarded 

credit for participating in surveys and can redeem that credit for consumer goods. The survey 

was implemented through the Qualtrics interface, and respondents were able to complete it on a 

computer, tablet, or smartphone. 

                                                
20 Though see Boas, Hidalgo, and Melo (2019) for a contrasting view on the nature of prior beliefs about mayoral 
corruption in Brazil. 
21 We initially recorded 2,040 responses. 187 of these say that they did not observe a photo, which means that they 
could not have been exposed to our main treatment.  51 exited from the survey before important outcomes were 
measured. This leaves us with a maximum sample of 1,802. 
22 See Table A1 in the Appendix.  
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 We began the survey by showing a version of the following prompt to all respondents. In 

the prompt, we randomize (a) the gender of the mayor, (b) the party identification of the mayor, 

(c) the characteristics of project implementation, and (d) whether or not the mayor’s name 

appears in an accompanying photograph.23 This final dimension, the presence of the mayor’s 

name on the box of food, serves as our operationalization of credit claiming by labeling. We 

indicate the possible treatment conditions in the text with a slash. 

Imagine a Peronist/PRO/[omit] mayor who is running for reelection this year. During 
his/her time in office, the mayor [male/female, as indicated by Spanish language 
pronoun] carried out a program to help poor people, which consists of the distribution of 
boxes of food, as shown in the photo. Program beneficiaries are strictly selected based 
on need/theoretically selected based on need. In practice, those with contacts inside 
the municipality receive priority /[omit].24 
 

 Beneath the prompt on the screen, survey respondents were shown an image of one of 

three boxes: (1) no mayor’s name (assigned to approximately 50% of the sample); (2) female 

mayor’s name (assigned to approximately 25% of the sample); or (3) male mayor’s name 

(assigned to approximately 25% of the sample). Respondents were randomly assigned to either 

see a name on the box or not; if they were randomly assigned to see a name, then the name 

matched the gender of the mayor mentioned in the vignette, which was independently randomly 

assigned. The treatment showing the mayor’s name was relatively unobtrusive, in that we made 

no effort to call attention to the placement of the mayor’s name on the box of food, and the text 

of the prompt did not refer to the mayor by his or her proper name (gender was indicated by 

pronoun only). Both the photo and the vignette appeared again on a series of screens with 

                                                
23 In this paper, we focus on the last two treatments.  
24 The full questionnaire in English and Spanish can be found in the replication materials. 
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follow-up questions; respondents were repeatedly exposed to the visual component of the 

treatment.  

 Figure 1.  Images included in Different Treatment Conditions 

(1) No Name   (2) Female Name   (3) Male Name 

 

In total, there are 2x3x3x2 = 36 treatment conditions:  

• Name Treatment (2): Name on Box (where the specific name is consistent with the 

gender treatment) / No Name on Box; 

• Distribution Treatment (3): Unbiased / Biased / Omitted;  

• Mayor’s Party (3): Peronist / PRO / Omitted; and  

• Mayor’s Gender (2): Female / Male.  

We used simple randomization within Qualtrics where each respondent had an equal probability 

of being assigned to any of the 36 treatment conditions.25 

 The treatment was designed to allow us to isolate the effect of labeling from other 

practices that politicians might employ in the distribution of social benefits, including biased 

                                                
25 To examine the possibility of imbalance in the randomization, we use a multinomial logit model where we assess 
if age, education, gender, and/or social class predict assignment to any of the 36 different treatments. There is no 
evidence that the variables predict treatment assignment better than a null model (p < 0.72). 
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distribution.26 Whenever labeling of social programs occurs, this labeling is likely to be viewed 

by some people who are regular beneficiaries of these programs, others who are occasional 

recipients (as in emergency situations), and still others who might learn about credit claiming by 

labeling only through news reports, politicians’ publicity efforts, and/or social media.27  

To test whether respondents absorbed the information contained in the photo and the 

vignette, we asked a series of manipulation check questions, including whether the respondent 

reported seeing the name of the mayor, the name of the municipality, and the name of the 

province, where the first was present only in the treatment condition, the second in all 

photographs, and the third in none.28 The answers to these questions suggest reasonably attentive 

respondents and show the expected differences across treatment groups. Among those assigned 

to the labeling treatment, in which the mayor’s name appeared on the box, 37% report having 

seen the mayor’s name, 44% say it was not present, and 20% say they cannot recall. Among 

respondents assigned to the no labeling condition, in contrast, only 1% report having seen the 

mayor’s name; 82% say it was not present and 17% do not recall. These differences are highly 

statistically significant. Only 5% of respondents report seeing the province’s name, which was 

                                                
26 While the use of social policy as part of individualized, contingent exchanges with citizens certainly occurs in 
Argentina, it is not ubiquitous (e.g., González-Ocantos and Oliveros 2019; Szwarcberg 2015; Weitz-Shapiro 2012). 
27 In our sample, 15% of respondents receive Argentina’s cash transfer for families with young children (AUH); 
these respondents are poor and the most likely to be regular recipients of welfare aid in the form of food. We 
replicate all the tables reported in the text separately for AUH beneficiaries and all other respondents and see the 
same substantive patterns for both groups. See Tables A11-A13 in the Appendix. 
28 Before asking recall questions about the photo, we asked respondents whether or not they saw a photo at all. Since 
all survey respondents were assigned to see a photo, and this photo was repeated on multiple screens of the survey, 
we drop from the analyses anyone who reports not seeing a photo at all, as this was likely a technical problem. As 
indicated in the PAP, we check for a correlation between treatment assignment and whether the respondent reports 
seeing the photo. We regress an indicator for whether or not the respondent saw a photo on indicators for 35 of the 
36 treatment conditions. We find no evidence that this model predicts seeing a photo better than a null model (p < 
0.34), and no individual treatment condition significantly predicts seeing the photo. 
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not included in any of the treatment conditions; 34% of respondents report seeing the 

municipality name, which was included in all treatment conditions. 

 Other questions suggest higher attentiveness to information provided in the text (rather 

than exclusively in the photo). For example, 86% of respondents assigned to a vignette where the 

mayor’s partisan identity was specified correctly recalled that partisan identity, whereas 76% of 

respondents assigned to a vignette where there was no partisan identity included correctly said 

that the information had not been provided (and another 13% answered that they did not know). 

Credit claiming by labeling is an inherently visual practice; therefore, we view the lower recall 

on visual information as likely to parallel real world experiences, under which many citizens 

who view some tangible government benefit, whether a box of food, a signed letter 

accompanying a check, or a newly named health center, may ignore, not notice, or fail to retain 

some of the information that appears on that benefit. All tables below present results for the 

intent to treat effect (ITT), which compares respondents based on assignment to treatment, 

regardless of their responses to manipulation check questions. These are more conservative 

estimates of the magnitude of the treatment effect as compared to the complier average causal 

effect (CACE).29 

 

Outcomes of Interest, Variables, and Operationalization 

 We study three sets of outcomes. First, we asked about electoral behavior. Second, we 

solicited respondents’ beliefs about the program and the mayor’s role in it. Finally, we asked for 

respondents’ beliefs regarding other aspects of the mayor’s performance and preferences. It is 

                                                
29 Results for the CACE are described in footnotes in the discussion of results and are available in full in the 
appendix; these effect sizes are generally larger and in some cases of increased statistical significance compared to 
results presented in the main text.  
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possible that different treatment conditions affect these views but do not ultimately affect vote 

choice because of the dominant influence of other factors (especially partisanship) on the latter. 

Response options for all the outcomes are on a four-point scale: very likely (4); somewhat likely 

(3); not very likely (2); not at all likely (1).30  

 We examined voting behavior by asking respondents to assess the likelihood that they 

would vote for the mayor if living in the hypothetical municipality. To understand respondents’ 

beliefs about the program and the mayor’s role in it, we solicited respondents’ general 

satisfaction with the program if living in that municipality. We also asked each respondent to 

evaluate the likelihood (a) that the box of food would be distributed to those who actually need it 

and (b) that there was corruption in the purchase of food for the program. In this section of the 

survey, we also asked whether the respondent thought that the program was the mayor’s idea. 

Finally, we included questions that probe whether labeling a program serves as a signal about the 

mayor’s distributive preferences or his type. We asked how likely the mayor would be to (a) 

govern in favor of the poor and (b) develop programs that would benefit someone like the 

respondent. We also asked about the likelihood that the mayor (a) would use vote buying 

strategies to win re-election; (b) would have given a job in the municipality to a friend or a 

relative; and (c) would have been involved in corruption in the past. 

 In the regression analyses below, we control for copartisanship in order to increase the 

efficiency of the estimates. We operationalize copartisanship as a dichotomous indicator that 

takes the value of 1 for PRO sympathizers assigned to PRO vignettes and Peronist sympathizers 

assigned to Peronist vignettes and 0 for all other respondents. We identify PRO sympathizers as 

                                                
30 For missing values on the outcome variables, as stated in the PAP, we drop cases through listwise deletion. 
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those respondents who reported voting for the PRO candidate (Mauricio Macri) in the 2019 

presidential election and Peronist sympathizers as those who reported voting for the Peronist 

candidate (Alberto Fernández).31 All other respondents, including those who report casting a null 

or blank vote; who report not voting; or who do not provide an answer to the question are treated 

as non-copartisans.32 Voting is mandatory in Argentina and turnout is usually high—it was 81 

percent in the 2019 election.  

 

Does Labeling Matter? 

 A first look at the data, using a series of difference-in-means tests, suggests limited 

effects of credit claiming by labeling on respondents’ beliefs or behaviors. Table 1 presents the 

average treatment effects of labeling calculated as the difference between the mean response in 

the labeling condition (where the photo of the box of food includes the mayor’s name) and the 

mean response in the no-labeling condition (where the photo of the box of food does not include 

the mayor’s name). These results pool across treatments that manipulate information about the 

nature of beneficiary selection.  

                                                
31 In the October 2019 election, Fernández obtained 48 percent of the vote (against 40 percent obtained by Macri) 
and became president. For the first two decades since democratization in 1983, Argentina had a stable two party 
system; in recent years, the system has become more fluid and partisan attachments among the mass public have 
weakened (Lupu 2016; Lupu, Oliveros, and Schiumerini 2019). For this reason, we use presidential vote choice 
instead of partisan identification as our measure of partisan sympathy.  
32 The presidential vote choice variable was measured post-treatment. We regress the constructed copartisanship 
indicator on the two mayoral partisanship treatment indicators. We find no significant relationship between the 
assigned treatment condition and the likelihood of answering the presidential vote choice question in a way that 
corresponds to the partisanship of the mayor in the vignette (p < 0.53).  
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Table 1: Respondents’ assessments of the program and the mayor who implements it and their likely voting behavior by 
labeling treatment 

 
 

1 2 3 4 5 6 7 8 9 10 

 How likely do you think is it that… 

 

…the food 
program 
was the 
mayor’s 

idea? 

… the 
boxes of 
food will 

be 
distributed 

to those 
who really 

need it? 

…there 
will be 

corruption 
in the 

purchase of 
food for 

this 
program? 

…you 
would be 
satisfied 
with a 

program 
like this 
one…? 

…you 
would vote 

for the 
mayor in 
the next 
election? 

…the 
mayor will 
govern on 
behalf of 
the poor? 

…the 
mayor will 
implement 

policies 
that benefit 
people like 

you? 

… the 
mayor has 
given a job 

in the 
municipalit

y to a 
friend or 
relative? 

…the 
mayor will 
buy votes 

to get 
reelected? 

…the 
mayor has 

been 
involved in 

some 
corrupt 

activity in 
the past? 

Not 
Labeled 2.57 2.15 3.62 2.18 1.97 2.15 1.90 3.36 3.33 3.28 
Labeled  2.51 2.10 3.63 2.10 1.94 2.12 1.89 3.40 3.32 3.36 

Difference -0.05 -0.05 0.01 -0.08* -0.04 -0.03 -0.01 0.04 -0.01 0.07 

N 1,802 1,802 1,802 1,801 1,800 1,802 1,801 1,801 1,798 1,797 
 
Note: Average treatment effects calculated as the difference in means between the labeled and not-labeled groups. Respondents who did not see the 
image are excluded. Significance levels based on t-tests with unequal variance. *p<0.10, **p<0.05, ***p<0.01. 
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 In contrast to the presumed logic that credit claiming by labeling can serve politicians’ 

interests, exposure to the mayor’s name printed on a box associated with a social welfare 

program does not increase the likelihood that respondents report that the program was the 

mayor’s idea (column 1). Additionally, labeling does not change respondents’ beliefs about 

negative valence issues, such as the likelihood that the program was biased or corrupt: they were 

neither more nor less likely to report that the food would be distributed to those who really need 

it (column 2) and neither more nor less likely to respond that there would be corruption in the 

purchase of the food for the program (column 3). In spite of these null effects on program 

characteristics, respondents exposed to the labeled box report being slightly less satisfied with 

the program (column 4), although this difference is small and only statistically significant at the 

10 percent confidence level. This dissatisfaction does not seem to affect voting behavior; 

respondents who see a labeled box are not less likely to report that they would vote for the mayor 

(column 5).33 Turning to respondents’ perceptions of the mayor’s characteristics, the labeling 

treatment does not have statistically significant effects on either positive (columns 6-7) or 

negative (columns 8-10) traits. All in all, as compared to being exposed to a box of food with the 

municipality name only, seeing a box of food labeled with both the municipality and mayor’s 

name seems to have slightly negative, but very modest, effects on respondents’ beliefs and 

preferences.34  

                                                
33 Separately, we analyze a question asking respondents if they think that program beneficiaries will vote for the 
mayor and if the food program will help the mayor win reelection. The presence of the mayor’s name in the photo of 
the box of food does not significantly change responses to these questions either. 
34 We present the difference-in-means tests from Table 1 using dichotomized versions of the variables in Table A2 
in the Appendix. In Table A3 in the Appendix, we used a 2SLS procedure to calculate complier average causal 
effects (CACEs) among respondents who answered a manipulation check question by saying that they had seen the 
mayor’s name on the box. In the CACE analysis, the column 4 result increases in magnitude and is estimated with a 
similar level of precision, and the result in column 10 increases in magnitude and is now statistically significant at 
conventional levels. Both results suggest a negative direct effect of labeling on respondents’ views of the program 
and/or mayor. 
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 As noted above, the predominantly null effects in response to credit claiming by labeling 

could be consistent with two possibilities: it may be that seeing a government program labeled 

with the mayor’s name does not lead respondents to update their beliefs about that politician or 

the program, or it may be that citizens are largely indifferent towards the practice. To gain more 

direct insight into respondents’ attitudes towards credit claiming by labeling, our survey 

contained a set of descriptive questions to gauge respondents’ beliefs about the frequency of 

labeling, its relevance, and whether it is ethical.35 After the intervention and the measurement of 

all outcome variables, all respondents (regardless of treatment condition) were shown a photo of 

a box that included the name of a mayor (with the gender of the mayor matching the gender in 

the vignette that the respondent had read earlier). We then asked respondents to evaluate, on a 

scale from 0 to 10, whether the practice of a mayor placing his or her name on a box of food is 

something that they consider (1) Not at all ethical … Very ethical; (2) Rare … Very common; 

and (3) Not important at all … Very important. Unlike the experimental prompt, which was 

purposively unobtrusive, this descriptive prompt explicitly called attention to the practice of 

labeling. Figure 2 shows the distributions of responses for these three questions.   

 

                                                
35 These diagnostic questions were asked post-treatment. The labeling treatment slightly increases respondents’ 
evaluation of the frequency of the practice, from 7.2 to 7.6 on the 0 to 10 scale (significant at the p < 0.02 level). The 
labeling treatment has no effect on responses to the questions about the relevance or ethics of the practice. See Table 
A4 in the Appendix. 
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Figure 2: Is credit claiming by labeling … ethical, common, and/or important? 
 

 
Note: Distribution of responses (0 to 10, where 0 means “not at all” and 10 means “very”) to questions on whether a 
mayor labeling a box of food with his or her name is ethical, common, and/or important.  
 
 
 Figure 2 shows that respondents consider labeling both extremely common and very 

unethical, but they hold more mixed views on the practice’s importance. Almost half of the 

respondents (48 percent) considered labeling to be not at all ethical (0 on the 0 to 10 scale; the 

average response was 1.9 points); about three-quarters of respondents (77 percent) considered 

labeling to be common (greater than or equal to 5 on the 0 to 10 scale, where the average 

response was 7.6). About 69 percent did not consider labeling to be important (less than or equal 

to 5 on the 0 to 10 scale, where the average response was 3.9). These patterns suggest that, to the 

extent respondents view labeling as relevant, it has negative valence in the Argentine context. 

With that in mind, and given beliefs about the practice being widespread, we might 

consider instead why the absence of labeling is not rewarded by respondents. To some extent, the 

very limited differences in outcomes between the labeling and no-labeling conditions reported in 

Table 1 may reflect the strength of respondents’ preexisting beliefs. Notably, beliefs about both 

the program and the mayor are very negative. For instance, between 80 and 85 percent of 

respondents in the group that saw a photo of the box of food without the mayor’s name on it 
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thought that it was likely or very likely that the mayor engaged in patronage, vote buying, and 

corruption. Moreover, 92 percent of this group responded that it was likely or very likely that 

there was corruption in the purchase of food for the program. On the other hand, only 31 percent 

of these respondents thought that it was likely or very likely that the program was distributed in 

an unbiased way.  The limited effects reported in Table 1 may reflect the fact that neither 

labeling nor its absence is sufficient to lead respondents to update strongly held views of the 

mayor or program characteristics. 

 

Interaction between labeling and who receives benefits  

  Voter evaluations of any government program are seldom based on a single aspect of that 

program, and voters are likely to have access to varied pieces of information beyond whether or 

not the mayor’s name appears on a program benefit. As noted above, our experimental design 

also includes treatment conditions that manipulate information about the manner in which the 

beneficiaries for the pictured social policy were selected. As we elaborate below, our findings 

suggest that respondents’ baseline beliefs about political manipulation of public policy can be 

overturned, but only by multiple signals to the contrary. Specifically, we find evidence that the 

absence of labeling, in combination with information that program benefits are distributed in an 

unbiased fashion, is rewarded by respondents.36 

                                                
36 For the labeling treatment, we have two conditions: a photo of a box labeled with the municipality name and the 
mayor’s name (T) and a photo of a box labeled only with the municipality name (C). As the photo is itself the 
treatment, we don’t have a third condition that might serve as a “true” control—the lack of any information about 
whether boxes are labeled with the mayor’s name or not. As such, any difference we observe between treatment and 
control could be interpreted as a reward for absence of labeling or as a punishment for labeling. The inclusion of 
descriptive questions about labeling in the survey and the analysis of the interaction between the treatments 
elucidates baseline beliefs and supports our interpretation that respondents reward the absence of labeling, at least 
under some conditions. 
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 Turning to the question of how benefits are distributed, respondents to the survey were 

assigned to one of the following three conditions: explicit information that politically connected 

citizens were more likely to receive benefits, explicit information that the distribution of benefits 

was unbiased, or the absence of any information about how program recipients were selected 

(the relevant sentence was omitted for these respondents).37  To examine the interaction effects 

between the mode of distribution and labeling (name on box vs. no name), we estimate the 

following linear regression model with HC2 robust standard errors: 

 

y = a + b1*labeled + b2*biased + b3*unbiased + b4*labeled*biased + b5*labeled*unbiased + 
b6*copartisan + e 
 

Because partisanship is likely to be an important predictor of support for the mayor, we control 

for copartisanship, as defined above, in all regression models presented below. The inclusion of 

this covariate should increase the overall efficiency of estimation and allow for a comparison of 

the substantive significance of results for the other treatments.38 

 Table 2 presents the results of the analyses for outcomes related to assessments of the 

program and voting behavior.  

 

                                                
37 Appendix Table A5 presents the analysis of the unconditional effects of biased and unbiased distribution 
information treatments. Biased distribution significantly decreases respondents’ assessment that the program is 
distributed fairly, satisfaction with the program, and vote intention for the mayor. Unbiased distribution significantly 
increases program satisfaction and vote intention. 
38 Note that we did not include a control for copartisanship in the PAP. The substantive results for the interactions 
between labeling and mode of distribution are the same if this control is omitted, but the precision of the estimates is 
somewhat less in some models. For all outcome variables, the copartisanship variable is significant and in the 
expected direction. Copartisans are more likely to think that the program was the mayor’s idea, that the distribution 
is unbiased, and that there was no corruption in the purchase of the food for the program. They are also more 
satisfied with the program in general and more likely to respond that they would vote for the hypothetical mayor. 
Separately, we examine the possibility of heterogeneous treatment effects among those who shared a partisan 
identity with the mayor. The results, presented in Table A9 in the Appendix, do not indicate differential treatment 
effects. These results should be interpreted with caution, as the number of copartisan respondents is relatively small. 
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Table 2: Respondents’ assessments of the program and voting behavior by labeling 
treatment and mode of program distribution 

 (1) (2) (3) (4) (5) 

 

Program was 
mayor’s idea 

Distribution is 
unbiased 

Corruption in 
program 

purchases 

Satisfaction 
with program 

Vote for the 
mayor 

labeled with 
name -0.19** 0.00 0.00 0.00 0.09 

 (0.08) (0.07) (0.06) (0.08) (0.08) 
biased -0.09 -0.05 0.01 -0.12 -0.05 

 (0.08) (0.07) (0.06) (0.08) (0.08) 
unbiased -0.13 0.05 -0.05 0.34*** 0.28*** 

 (0.08) (0.07) (0.06) (0.08) (0.08) 
biased*labeled 0.22* -0.09 0.00 -0.03 -0.09 

 (0.12) (0.10) (0.08) (0.12) (0.11) 
unbiased*label
ed 0.18 -0.06 0.01 -0.25** -0.27** 

 (0.12) (0.10) (0.08) (0.12) (0.11) 
copartisan 
match 0.18*** 0.31*** -0.35*** 0.41*** 0.51*** 

 (0.06) (0.05) (0.04) (0.06) (0.05) 
constant 2.60*** 2.08*** 3.71*** 2.02*** 1.79*** 

 (0.06) (0.05) (0.04) (0.06) (0.05) 

      
Observations 1,742 1,742 1,742 1,742 1,741 
R-squared 0.01 0.03 0.04 0.05 0.06 

Note: Linear regression models with HC2 robust standard errors in parentheses. Respondents who did not see 
the image are excluded. *p<0.10, **p<0.05, ***p<0.01. 
 
  

We begin by examining the effects of information about different modes of distribution in the 

absence of credit claiming by labeling. Table 2 shows that respondents who are not exposed to 

the mayor’s name on the box of food reward mayors when they also receive information that 

distribution is unbiased (as compared to the control condition with no information about 

distribution).39 These respondents report greater satisfaction with the program (column 4) and a 

                                                
39 The complier average causal effects (CACE) for Tables 2 and 3 are reported in Tables A6-A8 in the Appendix. To 
facilitate calculation of the CACEs, we divide the sample into three groups—respondents assigned to no information 
about distribution and respondents assigned to information about biased and unbiased distribution, respectively. 
These results reinforce the findings in the main text; the effects of labeling are concentrated among respondents 



 26 

greater willingness to vote for the mayor (column 5) as compared to respondents who saw the 

same box of food but did not receive any information about the mode of distribution. This 

treatment combination is associated with increases in satisfaction with the program and vote 

intention for the mayor of 0.34 and 0.28 points respectively. These effects are smaller than the 

effect of shared partisanship on these same outcomes (0.41 and 0.51 respectively), but they are 

both substantively and statistically significant on the four-point outcome scale.40 In contrast, 

there are no effects of explicitly receiving information about biased distribution. This suggests 

that respondents do not update their beliefs on the basis of that information. 

 Next, we examine the effects of information about the mode of distribution in the 

presence of credit claiming by labeling—that is, when the mayor’s name appears on the box of 

food. In the presence of credit claiming by labeling, respondents no longer reward unbiased 

distribution. As the coefficients on the interaction term between labeling and unbiasedness in 

columns 4 and 5 show, when respondents read information about unbiased distribution and also 

see the mayor’s name on the box of food, the positive impact of the unbiased distribution 

treatment (relative to no information about the nature of distribution) disappears.  In column 4, 

the marginal effect of 0.10 is not distinguishable from 0 (p < 0.32), and in column 5, the 

marginal effect of 0.10 is not distinguishable from 0 (p < 0.25).41  

                                                
assigned to the unbiased treatment.  In that condition, the naming treatment leads to statistically significant 
decreases in satisfaction with program, likelihood of voting for the mayor, and the perception that mayor is pro-
poor, which are the same results we describe in the discussion of the interaction terms in Tables 2 and 3. It also leads 
to a statistically significant increase in beliefs that the mayor is corrupt, a result that is in the same direction, but not 
significant, in the ITT analysis. 
40 We subjected the p-values associated with the 25 coefficients on the treatment indicators and their interactions in 
Table 2 to the Benjamini-Hochberg procedure for accounting for false discoveries. The adjusted p-values for the 
unbiased treatment indicators in columns 4 and 5 remain below 0.01; the adjusted p-values for the interaction 
between the unbiased and naming treatments increase to p < 0.16 and p < 0.12 respectively across the two columns.  
Under the more conservative Bonferroni correction for 25 comparisons, the p-values for the unbiased treatment 
indicators remain less than or equal to 0.01, whereas the p-values for the interaction terms increase substantially. 
41 The unadjusted significance levels reported in the table suggest that the marginal effect is distinguishable from the 
marginal effect found in the unlabeled condition. Under the p-value adjustments described in the previous footnote, 
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 These results show that respondents are responsive to the relatively unobtrusive treatment 

(the presence of the mayor’s name on a box of food in a photo) and in some circumstances, use 

information about labeling (or the lack thereof) to inform their beliefs. The results also point to 

the extent to which respondents’ prior negative beliefs about politicians are resistant to change. 

In our study, respondents who were exposed to at least one signal of politicized 

implementation—either that a program was distributed in a biased fashion or was labeled with 

the politician’s name—appear to have maintained baseline negative beliefs about policy 

implementation. Only explicit information that program implementation was unbiased combined 

with the absence of the politician’s name on the box of food led respondents to positively update 

their beliefs.  

 In terms of other assessments of the program and in line with the results from the 

difference-in-means tests reported above, seeing the mayor’s name on the box of food or hearing 

about biased distribution did not affect respondents’ beliefs about whether the box of food would 

be distributed to those most in need (column 2) or whether there would be corruption in the 

purchase of the food for the program (column 3). Respondents’ priors on these questions appear 

to be negative and resistant to updating, at least given the type of information provided in the 

prompt.42  

 Finally, apart from assessments about the program itself and the likelihood of voting with 

the mayor, we examine whether labeling and type of distribution lead respondents to infer other 

positive and or negative traits about the mayor. In other words, is labeling taken by respondents 

                                                
the marginal effect of unbiased implementation information in the presence of labeling ceases to be distinguishable 
either from 0 or from the marginal effect of unbiased implementation information in the absence of labeling. 
42 With respect to beliefs about the mayor’s responsibility for the program (i.e., whether it was the mayor’s “idea”, 
Column 1), the results are somewhat ambiguous. We speculate that this may be because the program being the 
mayor’s “idea” may have a positive valence for some respondents and negative valence for others. 
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as a signal of the mayor’s type? Table 3 presents the results for our outcome variables measuring 

positive and negative assessments of the mayor.  

 

 
Table 3: Respondents’ assessments of the mayor by labeling treatment and program 

implementation 
 (1) (2) (3) (4) (5) 

 

Mayor is 
pro-poor 

Mayor 
chooses 

policies that 
benefit 

respondent 

Mayor hires 
friends and 

family 

Mayor buys 
votes 

Mayor 
engages in 
corruption 

Labeled with 
name 0.08 0.06 0.05 -0.05 0.05 
 (0.08) (0.07) (0.08) (0.07) (0.06) 
Biased 0.05 0.04 -0.05 -0.02 0.05 
 (0.08) (0.07) (0.08) (0.07) (0.06) 
Unbiased 0.21*** 0.05 -0.04 -0.06 -0.10 
 (0.08) (0.07) (0.08) (0.07) (0.06) 
Biased*labeled -0.06 -0.14 0.03 0.09 -0.05 
 (0.11) (0.10) (0.11) (0.10) (0.09) 
Unbiased*label
ed -0.26** -0.06 -0.06 0.01 0.06 
 (0.11) (0.09) (0.11) (0.09) (0.09) 
Copartisan 
match 0.51*** 0.36*** -0.13** -0.45*** -0.43*** 
 (0.06) (0.05) (0.06) (0.05) (0.04) 
Constant 1.95*** 1.79*** 3.43*** 3.47*** 3.40*** 
 (0.06) (0.05) (0.06) (0.05) (0.05) 
      
Observations 1,742 1,741 1,741 1,740 1,739 
R-squared 0.05 0.04 0.00 0.05 0.06 

Note: Linear regression model with HC2 robust standard errors in parentheses. Respondents who did not see 
the image are excluded. *p<0.10, **p<0.05, ***p<0.01. 
 
 
 Among the mayoral characteristics we examine, the analysis suggests that our treatments 

only affect respondents’ beliefs for a single dimension: that the mayor is pro-poor (column 1). 

Notably, this variable is the most closely connected to the program itself. In line with the results 
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about satisfaction with the program and voting behavior from Table 2, among respondents who 

did not see the mayor’s name on the box of food, those who are told that the distribution of 

benefits was unbiased are more likely to think the mayor governs in favor of the poor (as 

compared to respondents who receive no information about the nature of distribution). In the 

absence of labeling, unbiased distribution is associated with a 0.21-point increase in the belief 

that the mayor governs in favor of the poor—about 40% of the point estimate of the effect size of 

copartisanship on this same outcome.43 In contrast, among respondents who are exposed to the 

mayor’s name on the box of food, there is no longer any effect of receiving information about 

unbiased distribution on the belief that the mayor is pro-poor (p < 0.78).44 Once again, these 

results suggest that respondents expect politicians to engage in biased distribution and the 

labeling of government benefits and that they view both of these behaviors negatively. 

Respondents in our survey appear to update their negative beliefs about mayors only in the face 

of multiple, consistent signals to the contrary. Only explicit information about the unbiased 

distribution of benefits, coupled with the absence of the mayor’s name on the box, leads 

respondents to have a more sympathetic view of the mayor’s affinity for the poor. 

 There are no other statistically significant treatment effects for other outcome variables 

related to the type and quality of the mayor. Neither labeling nor mode of distribution seem to 

matter for respondents’ assessments of whether the mayor would implement policies to their 

benefit (column 2) or the likelihood that the mayor hires through patronage agreements (column 

3), uses vote buying to win elections (column 4), or has been involved in corruption in the past 

                                                
43 Under the Benjamini-Hochberg procedure for accounting for false discoveries, the p-value on this coefficient 
increases to p = 0.19. 
44 The coefficient on the interaction between the labeling treatment and the unbiased treatment is -0.26, 
approximately the same magnitude, and the opposite size, of the coefficient on the unbiased treatment indicator 
(0.21).  
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(column 5). That neither labeling nor the form of distribution generates any updating by 

respondents about any of these traits likely once again represents the strong negative priors that 

respondents have about their local elected officials. 

 Finally, and in line with the results above, copartisanship is a strong and significant 

predictor in all the models in the expected directions. Copartisans are more likely to believe that 

the mayor from their party governs in favor of the poor (column 1), implements policies that 

would benefit someone like the respondent (column 2), hires patronage employees (column 3), 

buys votes (column 4), and is corrupt (column 5).45 

 

Conclusion 

 As far as we are aware, this paper represents one of the first efforts (see also Hale 2022) 

to assess how voters respond when politicians literally label publicly-funded benefits with their 

own names, a practice we term “credit claiming by labeling.” Anecdotally, it is relatively easy to 

find examples of this phenomenon in many different countries. Politicians presumably employ 

the practice in an attempt to claim credit for popular programs, policies, or projects with the goal 

of winning elections. At the same time, politicians who place their names on government 

benefits may run the risk of alienating voters who view this labeling as a signal of political 

manipulation, malfeasance, or corruption. 

  To examine the consequences of credit claiming by labeling on voters’ beliefs and 

behavior, we administered a survey experiment to an online sample of Argentine respondents 

who were presented with a photo of a box of food described as distributed through a social 

                                                
45 Table A10 in the Appendix presents results for copartisans and non-copartisans separately. It does not suggest any 
distinct patterns of responses to treatment across these two groups. 
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welfare program in a hypothetical municipality. Participants were randomly assigned to view 

boxes that were or were not labeled with the mayor’s name and, independently, with information 

about the manner in which beneficiaries were selected. This design allows us to isolate the 

effects of credit claiming by labeling from information about other aspects of program 

implementation. We find a modest negative effect of credit claiming by labeling on satisfaction 

with the program and null effects of labeling on voting behavior and perceptions of the program 

and of the mayor’s characteristics. Explaining these results, we present evidence respondents in 

our survey believe the practice of labeling is widespread and view it in a negative light, and that 

they further have very strong negative beliefs about politicians’ behavior and practices along 

other dimensions, including corruption and favoritism. It appears that in a context where voter 

beliefs about politicians are strongly held, voters provided with information about labeling 

update their beliefs about politician type in a limited fashion, if at all. 

  We then go on to show that information about explicitly unbiased distribution leads 

respondents to hold more positive views of politicians and to say they are more likely to reward 

those politicians at the ballot box, but only in the absence of credit claiming by labeling. 

Respondents who receive information about unbiased distribution and see no evidence of 

labeling are more likely to report that they would vote for the mayor, be satisfied with the 

program, and believe that the mayor is pro-poor. Politicians are not rewarded, however, if voters 

are only presented with information about unbiased distribution or only see an unlabeled box. 

These results suggest that in a context where citizens believe credit claiming by labeling to be 

commonplace, it is difficult to alter citizens’ negative beliefs about politicians’ behavior and 

motivation. Only multiple, consistent signals—in this case, the absence of labeling and explicit 

information about unbiased distribution—appear capable of changing voter beliefs. 
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 Our work opens the door for future research to understand the conditions under which 

credit claiming by labeling generates political benefits or costs. In spite of voters’ distaste for the 

practice, our results suggest that local politicians in Argentina do not suffer electoral costs for 

relying on it. In our context, the lack of punishment seems to stem from a combination of the fact 

that it is believed to be widespread along with deeply held negative baseline expectations about 

local politicians—negative expectations that are commonplace in the Latin American context. In 

contrast, Hale (2022) finds evidence of some electoral benefit to then-U.S. President Donald 

Trump among recipients of checks signed with his name. Taken together, these results suggest 

the importance of exploring the effects of credit claiming by labeling in the distribution of 

different types of government programs and across contexts where citizen baseline beliefs about 

politician behavior and practices vary. Further work might also explore why politicians persist in 

credit claiming by labeling in contexts where the practice does not seem to yield electoral 

benefits. Our work here suggests that the need for multiple signals of positive behavior might 

make it difficult for politicians to assess the political costs and benefits of the practice.  
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Online Appendix 
 
Table A1: Sample Characteristics 
 
Variable N Mean SD Min Max 
age 1,802 39.9 16.0 16 87 
female 1,802 0.55 0.50 0 1 
poor (Social Class = 
D1, D2, or E) 

1,802 0.43 0.49 0 1 

from the city or 
province of Buenos 
Aires 

1,802 0.43 0.50 0 1 

household head 
education 

1,802 6.4 2.0 1 10 
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Table A2: Respondents’ assessments of the program, the mayor who implements it, and voting behavior by labeling treatment 
(dichotomized outcomes) 
 

How likely 
do you 

think it is 
that… 

 

1 2 3 4 5 6 7 8 9 10 

 

…the food 
program 
was the 
mayor’s 

idea? 

… the 
boxes of 
food will 

be 
distributed 

to those 
who really 

need it? 

…there 
will be 

corruption 
in the 

purchase of 
food for 

this 
program? 

…you 
would be 
satisfied 
with a 

program 
like this 
one…? 

…you 
would vote 

for the 
mayor in 
the next 
election? 

…the 
mayor will 
govern on 
behalf of 
the poor? 

…the 
mayor will 
implement 

policies 
that benefit 
people like 

you? 

… the 
mayor has 
given a job 

in the 
municipalit

y to a 
friend or 
relative? 

…the 
mayor will 
buy votes 

to get 
reelected? 

…the 
mayor has 

been 
involved in 

some 
corrupt 

activity in 
the past? 

Not labeled 0.53 0.31 0.92 0.38 0.32 0.33 0.23 0.80 0.85 0.85 

Labeled 0.51 0.29 0.92 0.33 0.27 0.31 0.20 0.81 0.83 0.87 

Difference -0.02 -0.02 -0.00 -0.05** -0.04** -0.01 -0.03 0.01 -0.02 0.02 

N 1,802 1,802 1,802 1,801 1,800 1,802 1,801 1,801 1,798 1,797 
Note: Average treatment effects calculated as the difference between the treatment and the control group (t-test with unequal variance) for proportion giving 
“very likely” and “likely” responses. Respondents who did not see the image are excluded. *p < 0.10, **p < 0.05, ***p < 0.01 
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Table A3: Respondents’ assessments of the program, the mayor who implements it, and voting behavior by labeling treatment 
(complier average causal effects) 
 
 1 2 3 4 5 6 7 8 9 10 
How likely 

do you 
think it is 

that… 

 

…the food 
program 
was the 
mayor’s 

idea? 

… the 
boxes of 
food will 

be 
distributed 

to those 
who really 

need it? 

…there 
will be 

corruption 
in the 

purchase of 
food for 

this 
program? 

…you 
would be 
satisfied 
with a 

program 
like this 
one…? 

…you 
would vote 

for the 
mayor in 
the next 
election? 

…the 
mayor will 
govern on 
behalf of 
the poor? 

…the 
mayor will 
implement 

policies 
that benefit 
people like 

you? 

… the 
mayor has 
given a job 

in the 
municipalit

y to a 
friend or 
relative? 

…the 
mayor will 
buy votes 

to get 
reelected? 

…the 
mayor has 

been 
involved in 

some 
corrupt 

activity in 
the past? 

Labeled -0.15 -0.13 0.042 -0.24* -0.10 -0.098 -0.033 0.099 -0.027 0.21** 
 (0.13) (0.11) (0.090) (0.14) (0.13) (0.13) (0.11) (0.13) (0.11) (0.11) 
Constant 2.57*** 2.15*** 3.62*** 2.19*** 1.97*** 2.15*** 1.90*** 3.36*** 3.33*** 3.28*** 
 (0.034) (0.030) (0.024) (0.037) (0.033) (0.034) (0.029) (0.034) (0.029) (0.028) 
N 1802 1802 1802 1801 1800 1802 1801 1801 1798 1797 

Note: Complier average causal effects calculated using a two-stage least squares regression in which correctly answering a manipulation check question about 
seeing the mayor’s name on the box serves as a first-stage instrument for the labeling treatment. Respondents who did not see the image are excluded. *p < 0.10, 
**p < 0.05, ***p < 0.01 
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Table A4: Treatment Effects of Labeling on Questions about Perceptions of Labeling 
  

(1) (2) (3)  
 
On a scale from 0 to 10, the fact that the mayor places 
his/her name on the box of food is something that you 
would consider… 
  

 Common Ethical Important     

labeled with 
name 

0.62*** -0.14 0.24 

 (0.23) (0.21) (0.29) 

 
   

biased 0.11 -0.20 0.19 

 (0.25) (0.20) (0.29) 

 
   

unbiased 0.16 0.0042 -0.070 

 (0.25) (0.21) (0.28) 

 
   

biased*labeled -0.16 0.095 -0.58 

 (0.33) (0.29) (0.40) 

 
   

unbiased*labeled -0.23 0.031 -0.38 

 (0.33) (0.29) (0.40) 

 
   

constant 7.31*** 2.03*** 3.92*** 

 (0.18) (0.15) (0.20)     

N 1802 1802 1802 
adj. R-sq 0.005 -0.001 -0.000 

Note: Linear regression model with HC2 robust standard errors in parentheses. Respondents who did not see 
the image are excluded. *p<0.10, **p<0.05, ***p<0.01.
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Table A5: Treatment Effects of Information about Biased and Unbiased Distribution 
 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 
How likely do 
you think it is 
that… 

…the food 
program was 
the mayor’s 
idea? 

… the 
boxes of 
food will 
be 
distributed 
to those 
who really 
need it? 

…there 
will be 
corruption 
in the 
purchase 
of food 
for this 
program? 

…you 
would be 
satisfied 
with a 
program 
like this 
one…? 

…you 
would 
vote for 
the 
mayor in 
the next 
election? 

…the 
mayor will 
govern on 
behalf of 
the poor? 

…the mayor 
will 
implement 
policies that 
benefit 
people like 
you? 

… the 
mayor has 
given a job 
in the 
municipality 
to a friend 
or relative? 

…the 
mayor will 
buy votes 
to get 
reelected? 

…the 
mayor has 
been 
involved 
in some 
corrupt 
activity in 
the past? 

           
Biased 0.022 -0.094* 0.0098 -0.13** -0.094* 0.019 -0.027 -0.032 0.025 0.026 

 (0.059) (0.050) (0.038) (0.058) (0.054) (0.055) (0.047) (0.057) (0.047) (0.044) 

           
Unbiased -0.041 0.019 -0.042 0.21*** 0.14*** 0.078 0.017 -0.070 -0.060 -0.062 

 (0.058) (0.051) (0.039) (0.060) (0.054) (0.056) (0.047) (0.057) (0.048) (0.046) 

           
Copartisan  0.18*** 0.31*** -0.35*** 0.41*** 0.51*** 0.51*** 0.36*** -0.13** -0.45*** -0.44*** 
Match (0.053) (0.052) (0.045) (0.060) (0.055) (0.055) (0.050) (0.057) (0.053) (0.049) 

           
Constant 2.51*** 2.08*** 3.71*** 2.02*** 1.83*** 1.99*** 1.82*** 3.45*** 3.44*** 3.43*** 

 (0.044) (0.037) (0.027) (0.044) (0.039) (0.040) (0.034) (0.041) (0.034) (0.034) 

           
N 1742 1742 1742 1742 1741 1742 1741 1741 1740 1739 
adj. R-sq 0.005 0.023 0.043 0.044 0.056 0.047 0.032 0.002 0.050 0.052 

Note: Linear regression model with HC2 robust standard errors in parentheses. The baseline condition includes no information about distribution. 
Respondents who did not see the image are excluded. *p<0.10, **p<0.05, ***p<0.01.
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Table A6: Respondents’ assessments of the program, the mayor who implements it, and voting behavior by labeling treatment 
(complier average causal effects among respondents assigned to receive no implementation information) 
 
 1 2 3 4 5 6 7 8 9 10 
How likely 

do you 
think it is 

that… 

 

…the food 
program 
was the 
mayor’s 

idea? 

… the 
boxes of 
food will 

be 
distributed 

to those 
who really 

need it? 

…there 
will be 

corruption 
in the 

purchase of 
food for 

this 
program? 

…you 
would be 
satisfied 
with a 

program 
like this 
one…? 

…you 
would vote 

for the 
mayor in 
the next 
election? 

…the 
mayor will 
govern on 
behalf of 
the poor? 

…the 
mayor will 
implement 

policies 
that benefit 
people like 

you? 

… the 
mayor has 
given a job 

in the 
municipalit

y to a 
friend or 
relative? 

…the 
mayor will 
buy votes 

to get 
reelected? 

…the 
mayor has 

been 
involved in 

some 
corrupt 

activity in 
the past? 

Labeled -0.41* 0.033 -0.0014 0.031 0.22 0.23 0.19 0.12 -0.12 0.16 
 (0.21) (0.18) (0.13) (0.21) (0.20) (0.20) (0.17) (0.20) (0.17) (0.17) 
Constant 2.63*** 2.14*** 3.64*** 2.10*** 1.88*** 2.05*** 1.86*** 3.40*** 3.37*** 3.31*** 
 (0.059) (0.051) (0.038) (0.061) (0.055) (0.055) (0.047) (0.056) (0.049) (0.048) 
N 604 604 604 604 604 604 604 604 603 601 

Note: Complier average causal effects calculated using a two-stage least squares regression in which correctly answering a manipulation check question about 
seeing the mayor’s name on the box serves as a first-stage instrument for the labeling treatment. Respondents who did not see the image are excluded. *p < 0.10, 
**p < 0.05, ***p < 0.01 
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Table A7: Respondents’ assessments of the program, the mayor who implements it, and voting behavior by labeling treatment 
(complier average causal effects among respondents assigned to receive unbiased implementation information) 
 
 1 2 3 4 5 6 7 8 9 10 
How likely 

do you 
think it is 

that… 

 

…the food 
program 
was the 
mayor’s 

idea? 

… the 
boxes of 
food will 

be 
distributed 

to those 
who really 

need it? 

…there 
will be 

corruption 
in the 

purchase of 
food for 

this 
program? 

…you 
would be 
satisfied 
with a 

program 
like this 
one…? 

…you 
would vote 

for the 
mayor in 
the next 
election? 

…the 
mayor will 
govern on 
behalf of 
the poor? 

…the 
mayor will 
implement 

policies 
that benefit 
people like 

you? 

… the 
mayor has 
given a job 

in the 
municipalit

y to a 
friend or 
relative? 

…the 
mayor will 
buy votes 

to get 
reelected? 

…the 
mayor has 

been 
involved in 

some 
corrupt 

activity in 
the past? 

Labeled -0.045 -0.19 0.022 -0.70*** -0.53** -0.57** -0.039 -0.067 -0.12 0.37* 
 (0.23) (0.21) (0.17) (0.26) (0.24) (0.24) (0.20) (0.24) (0.20) (0.20) 
Constant 2.52*** 2.20*** 3.59*** 2.47*** 2.18*** 2.30*** 1.92*** 3.36*** 3.31*** 3.20*** 
 (0.059) (0.054) (0.045) (0.067) (0.063) (0.061) (0.053) (0.059) (0.052) (0.052) 
N 615 615 615 614 613 615 615 615 614 614 

Note: Complier average causal effects calculated using a two-stage least squares regression in which correctly answering a manipulation check question about 
seeing the mayor’s name on the box serves as a first-stage instrument for the labeling treatment. Respondents who did not see the image are excluded. *p < 0.10, 
**p < 0.05, ***p < 0.01 

  



 44 

 

Table A8: Respondents’ assessments of the program, the mayor who implements it, and voting behavior by labeling treatment 
(complier average causal effects among respondents assigned to receive biased implementation information) 
 
 1 2 3 4 5 6 7 8 9 10 
How likely 

do you 
think it is 

that… 

 

…the food 
program 
was the 
mayor’s 

idea? 

… the 
boxes of 
food will 

be 
distributed 

to those 
who really 

need it? 

…there 
will be 

corruption 
in the 

purchase of 
food for 

this 
program? 

…you 
would be 
satisfied 
with a 

program 
like this 
one…? 

…you 
would vote 

for the 
mayor in 
the next 
election? 

…the 
mayor will 
govern on 
behalf of 
the poor? 

…the 
mayor will 
implement 

policies 
that benefit 
people like 

you? 

… the 
mayor has 
given a job 

in the 
municipalit

y to a 
friend or 
relative? 

…the 
mayor will 
buy votes 

to get 
reelected? 

…the 
mayor has 

been 
involved in 

some 
corrupt 

activity in 
the past? 

Labeled 0.058 -0.29 0.12 -0.15 -0.080 -0.0037 -0.30 0.27 0.19 0.12 
 (0.23) (0.21) (0.17) (0.23) (0.22) (0.23) (0.20) (0.24) (0.20) (0.18) 
Constant 2.56*** 2.10*** 3.61*** 2.01*** 1.87*** 2.13*** 1.93*** 3.34*** 3.33*** 3.33*** 
 (0.056) (0.050) (0.042) (0.058) (0.055) (0.058) (0.051) (0.060) (0.049) (0.046) 
N 583 583 583 583 583 583 582 582 581 582 

Note: Complier average causal effects calculated using a two-stage least squares regression in which correctly answering a manipulation check question about 
seeing the mayor’s name on the box serves as a first-stage instrument for the labeling treatment. Respondents who did not see the image are excluded. *p < 0.10, 
**p < 0.05, ***p < 0.01 
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Partisanship as a Moderator of Labeling 
 
 The null effects that we report in Tables 2 and 3 in the main text may obscure different 

reactions between individuals who share a partisan identity with the mayor and those who do not. 

As shown in those tables, copartisanship with the mayor named in the vignette is a powerful 

predictor of responses to the outcome questions. It is possible to imagine that copartisans and 

non-copartisans may react in different ways to the labeling treatment. For instance, copartisans 

may treat labeling as a signal of a competent mayor who cares about the poor, whereas non-

copartisans may be more inclined to think of the labeling as political opportunism and therefore 

to react negatively to it. 

 Tables A9 and A10 below do not provide much evidence to suggest consistent partisan 

differences. In columns 1a and 1b, there are a set of unexpected patterns. For copartisans, we see 

no significant reactions to any of the treatments. Among other respondents, we see that the 

labeling treatment (in the absence of implementation information) and both implementation 

treatments (in the absence of the label) reduce respondents’ likelihood of saying that the mayor 

had the idea for the food program. When the labeling treatment and either type of implementing 

information are present, these negative effects are offset somewhat. It is hard to understand why 

these patterns might appear among non-copartisans. 

 In columns 4a and 4b and 5a and 5b, we see patterns similar to Table 3 among both the 

copartisan and non-copartisan groups. For both the question about satisfaction with the program 

and voting for the mayor, among copartisans, there is some gain that comes from the unbiased 

information treatment that is offset in the presence of labeling. The interaction term is not 

significant in any of these cases, however.  
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 In Table A10, this pattern of increasingly positive impressions from the unbiased 

distribution treatment that are offset by the labeling treatment is also present in column 6a, 

although the estimates remain imprecise. Elsewhere in Table A10, we find few consistent 

patterns. While copartisanship is a clear predictor of positive attitudes towards that mayor, these 

tables do not offer much evidence that copartisanship moderates how respondents react to the 

treatments on labeling or the fairness of distribution. 
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Table A9: Respondents’ assessments of the program and voting behavior by labeling treatment and program implementation, 
partisan subgroups 

 (1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b) (5a) (5b) 

 
Program was mayor’s 

idea Distribution is unbiased 
Corruption in program 

purchases Satisfaction with program Vote for the mayor 
 Copartisans Others Copartisans Others Copartisans Others Copartisans Others Copartisans Others 

labeled 
with name 0.15 -0.37*** 0.034 0.043 -0.10 -0.0086 0.10 -0.10 0.19 0.028 

 (0.17) (0.13) (0.16) (0.10) (0.14) (0.067) (0.19) (0.12) (0.18) (0.10) 
biased 0.20 -0.24** -0.062 -0.052 -0.066 -0.040 -0.052 -0.16 -0.031 0.055 

 (0.15) (0.12) (0.15) (0.099) (0.14) (0.071) (0.17) (0.11) (0.16) (0.10) 
unbiased 0.034 -0.32** 0.018 0.10 -0.098 -0.038 0.44** 0.21 0.34** 0.23** 

 (0.16) (0.13) (0.16) (0.11) (0.14) (0.075) (0.19) (0.13) (0.17) (0.11) 
biased*labe
led -0.13 0.36** -0.069 -0.065 0.0029 0.011 -0.27 0.12 -0.13 -0.030 

 (0.23) (0.17) (0.23) (0.14) (0.20) (0.10) (0.26) (0.16) (0.25) (0.15) 
unbiased*la
beled -0.058 0.31* 0.018 -0.14 0.0046 -0.021 -0.37 -0.099 -0.24 -0.12 

 (0.23) (0.18) (0.24) (0.15) (0.20) (0.11) (0.27) (0.17) (0.24) (0.15) 
Constant 2.56*** 2.73*** 2.37*** 2.04*** 3.46*** 3.74*** 2.39*** 1.98*** 2.22*** 1.69*** 

 (0.12) (0.087) (0.11) (0.074) (0.098) (0.047) (0.13) (0.086) (0.12) (0.071) 

           
Observatio
ns 375 804 375 804 375 804 375 804 375 803 
R-squared -0.005 0.010 -0.010 -0.001 -0.007 -0.005 0.024 0.011 0.010 0.001 

Note: Linear regression model with HC2 robust standard errors in parentheses. Respondents who did not see the image are excluded. *p<0.10, **p<0.05, 
***p<0.01. 
 
 
 
  



 48 

 
Table A10: Respondents’ assessments of the mayor by labeling treatment and program implementation, partisan subgroups 

 (1a) (1b) (2a) (2b) (3a) (3b) (4a) (4b) (5a) (5b) 

 Mayor is pro-poor 
Mayor chooses policies 
that benefit respondent 

Mayor hires friends and 
family Mayor buys votes 

Mayor engages in 
corruption 

 Copartisans Others Copartisans Others Copartisans Others Copartisans Others Copartisans Others 
labeled 
with name 0.27 0.040 0.25* 0.028 -0.068 -0.0071 -0.25 -0.049 -0.10 0.11 

 (0.17) (0.11) (0.15) (0.090) (0.17) (0.12) (0.18) (0.091) (0.15) (0.091) 
biased 0.22 0.071 0.11 0.10 -0.26 -0.066 -0.085 -0.055 -0.19 0.094 

 (0.16) (0.11) (0.16) (0.087) (0.17) (0.12) (0.16) (0.090) (0.15) (0.084) 
unbiased 0.24 0.25** 0.022 0.12 -0.063 -0.026 -0.13 -0.013 -0.26 0.0056 

 (0.17) (0.12) (0.16) (0.095) (0.16) (0.12) (0.17) (0.091) (0.16) (0.094) 
biased*labe
led -0.19 -0.028 -0.41* -0.072 0.15 0.17 0.17 0.16 0.15 -0.13 

 (0.24) (0.16) (0.22) (0.13) (0.25) (0.17) (0.24) (0.13) (0.23) (0.12) 
unbiased*la
beled -0.34 -0.24 -0.26 0.011 0.0027 -0.034 0.38 -0.12 0.26 -0.073 

 (0.24) (0.16) (0.22) (0.13) (0.25) (0.17) (0.24) (0.13) (0.21) (0.13) 
Constant  2.34*** 1.87*** 2.12*** 1.69*** 3.41*** 3.39*** 3.08*** 3.49*** 3.12*** 3.39*** 

 (0.12) (0.076) (0.11) (0.061) (0.12) (0.081) (0.12) (0.063) (0.11) (0.063) 

           
Observatio
ns 375 804 374 804 374 804 374 803 374 803 
R-squared -0.003 0.001 -0.001 -0.001 -0.005 -0.003 -0.005 0.003 -0.005 -0.003 

Note: Linear regression model with HC2 robust standard errors in parentheses. Respondents who did not see the image are excluded. *p<0.10, **p<0.05, 
***p<0.01.  
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Results across AUH Beneficiaries and Other Respondents 
 

Table A11: Respondents’ assessments of the program and the mayor who implements it and their likely voting behavior by 
labeling treatment (AUH beneficiaries vs. non-AUH beneficiaries) 

 
 

1 2 3 4 5 6 7 8 9 10 

 How likely do you think is it that… 

 

…the food 
program 
was the 
mayor’s 

idea? 

… the 
boxes of 
food will 

be 
distributed 

to those 
who really 

need it? 

…there 
will be 

corruption 
in the 

purchase of 
food for 

this 
program? 

…you 
would be 
satisfied 
with a 

program 
like this 
one…? 

…you 
would vote 

for the 
mayor in 
the next 
election? 

…the 
mayor will 
govern on 
behalf of 
the poor? 

…the 
mayor will 
implement 

policies 
that benefit 
people like 

you? 

… the 
mayor has 
given a job 

in the 
municipalit

y to a 
friend or 
relative? 

…the 
mayor will 
buy votes 

to get 
reelected? 

…the 
mayor has 

been 
involved in 

some 
corrupt 

activity in 
the past? 

AUH Beneficiaries 
Not 

Labeled 2.54 2.30 3.51 2.32 2.20 2.41 2.15 3.27 3.28 3.22 
Labeled  2.38 2.14 3.58 2.32 2.09 2.23 2.10 3.20 3.28 3.37 

Difference -0.16 -0.16 0.07 0.00 -0.11 -0.18 -0.05 -0.07 -0.01 0.15 

N 259 259 259 259 259 259 259 259 259 259 
Non-AUH Beneficiaries 

Not 
Labeled 2.58 2.12 3.64 2.17 1.93 2.11 1.85 3.39 3.35 3.30 

Labeled  2.53 2.09 3.64 2.06 1.91 2.09 1.85 3.44 3.33 3.36 

Difference -0.04 -0.04 0.01 -0.11** -0.02 -0.02 0.00 0.06 -0.01 0.06 

N 1,499 1,499 1,499 1,498 1,497 1,499 1,498 1,498 1,497 1,494 
 
Note: Average treatment effects calculated as the difference in means between the labeled and not-labeled groups. Respondents who did not see the 
image are excluded. The top panel includes respondents who self-identified as recipients of Argentina’s Universal Child Allowance for Social Protection 
(Asignación Universal por Hijo, AUH); the bottom panel includes all other respondents. Significance levels based on t-tests with unequal variance. 
*p<0.10, **p<0.05, ***p<0.01. 
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Table A12: Respondents’ assessments of the program and voting behavior by labeling treatment and mode of program 
distribution (AUH recipients only) 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 

 

Program 
was 

mayor’s 
idea 

Distributio
n is 

unbiased 

Corruption 
in program 
purchases 

Satisfactio
n with 

program 

Vote for 
the mayor 

Mayor is 
pro-poor 

Mayor 
chooses 
policies 

that benefit 
respondent 

Mayor 
hires 

friends and 
family 

Mayor 
buys votes 

Mayor 
engages in 
corruption 

labeled with 
name -0.18 -0.037 0.11 0.19 0.12 0.094 0.078 0.21 0.21 0.37** 

 (0.23) (0.17) (0.14) (0.22) (0.20) (0.22) (0.17) (0.21) (0.15) (0.17) 
biased 0.14 0.29* -0.063 0.25 0.24 0.19 0.32* -0.25 -0.035 0.080 

 (0.21) (0.17) (0.15) (0.21) (0.20) (0.20) (0.16) (0.23) (0.16) (0.18) 
unbiased -0.11 0.38** -0.28 0.60** 0.34* 0.54** 0.082 -0.13 -0.31 -0.16 

 (0.23) (0.20) (0.20) (0.24) (0.20) (0.23) (0.17) (0.23) (0.21) (0.21) 
biased*labeled -0.080 -0.10 -0.20 -0.18 -0.36 -0.094 -0.28 -0.24 -0.31 -0.42* 

 (0.31) (0.25) (0.21) (0.31) (0.28) (0.31) (0.23) (0.33) (0.24) (0.24) 
unbiased*label
ed 0.17 -0.26 0.090 -0.37 -0.34 -0.77** -0.056 -0.64** -0.29 -0.22 

 (0.32) (0.28) (0.25) (0.32) (0.28) (0.33) (0.25) (0.32) (0.27) (0.27) 
copartisan 
match 0.30** 0.083 -0.25* 0.074 0.19 0.25 0.23* -0.26 -0.14 -0.33** 

 (0.15) (0.13) (0.14) (0.17) (0.15) (0.17) (0.13) (0.18) (0.15) (0.15) 
constant 2.46*** 2.06*** 3.66*** 2.01*** 1.97*** 2.13*** 1.96*** 3.46*** 3.41*** 3.29*** 

 (0.17) (0.13) (0.11) (0.16) (0.15) (0.15) (0.12) (0.16) (0.12) (0.14) 

           
Observations 258 258 258 258 258 258 258 258 258 258 
R-squared 0.002 0.007 0.021 0.008 -0.000 0.030 0.006 0.032 0.034 0.038 

Note: Linear regression models with HC2 robust standard errors in parentheses. Respondents who did not see the image are excluded. Results based on 
respondents who self-identified as recipients of Argentina’s Universal Child Allowance for Social Protection (Asignación Universal por Hijo, AUH).  
*p<0.10, **p<0.05, ***p<0.01. 
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Table A13: Respondents’ assessments of the program and voting behavior by labeling treatment and mode of program 
distribution (Non-AUH recipients only) 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 

 

Program 
was 

mayor’s 
idea 

Distributio
n is 

unbiased 

Corruption 
in program 
purchases 

Satisfactio
n with 

program 

Vote for 
the mayor 

Mayor is 
pro-poor 

Mayor 
chooses 
policies 

that benefit 
respondent 

Mayor 
hires 

friends and 
family 

Mayor 
buys votes 

Mayor 
engages in 
corruption 

labeled with 
name -0.18** 0.012 -0.015 -0.032 0.082 0.072 0.052 0.012 -0.11 -0.0048 

 (0.089) (0.077) (0.057) (0.091) (0.082) (0.082) (0.070) (0.086) (0.073) (0.070) 
biased -0.13 -0.13* 0.032 -0.20** -0.13 0.00062 -0.035 -0.015 -0.014 0.051 

 (0.089) (0.076) (0.059) (0.089) (0.080) (0.085) (0.071) (0.085) (0.073) (0.068) 
unbiased -0.13 0.0030 -0.011 0.30*** 0.27*** 0.16* 0.040 -0.031 -0.035 -0.089 

 (0.088) (0.078) (0.059) (0.093) (0.085) (0.084) (0.073) (0.085) (0.071) (0.071) 
biased*labeled 0.27** -0.074 0.031 0.026 -0.013 -0.030 -0.084 0.085 0.16 0.015 

 (0.13) (0.11) (0.082) (0.13) (0.12) (0.12) (0.10) (0.12) (0.10) (0.096) 
unbiased*label
ed 0.19 -0.036 -0.00055 -0.24* -0.27** -0.18 -0.060 0.045 0.081 0.12 

 (0.12) (0.11) (0.082) (0.13) (0.12) (0.12) (0.10) (0.12) (0.10) (0.098) 
copartisan 
match 0.16*** 0.34*** -0.36*** 0.47*** 0.56*** 0.55*** 0.39*** -0.11* -0.50*** -0.45*** 

 (0.058) (0.057) (0.048) (0.064) (0.059) (0.058) (0.055) (0.059) (0.056) (0.052) 
constant 2.62*** 2.09*** 3.72*** 2.03*** 1.76*** 1.93*** 1.76*** 3.43*** 3.48*** 3.42*** 

 (0.063) (0.056) (0.041) (0.066) (0.058) (0.059) (0.049) (0.061) (0.052) (0.050) 

           
Observations 1479 1479 1479 1479 1478 1479 1478 1478 1478 1476 
R-squared 0.004 0.030 0.047 0.059 0.072 0.055 0.038 -0.000 0.062 0.057 

Note: Linear regression models with HC2 robust standard errors in parentheses. Respondents who did not see the image are excluded. Results based on 
respondents who did not self-identify as recipients of Argentina’s Universal Child Allowance for Social Protection (Asignación Universal por Hijo, 
AUH).  *p<0.10, **p<0.05, ***p<0.01. 
 


