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Abstract (200)
Are slum dwellers more involved in clientelistic arrangements than other (urban poor) voters?
While poverty is a key predictor of clientelism, some urban poor voters are more involved in
clientelistic arrangement than others. Insecure tenure, lack of access to public resources, and
location in areas exposed to environmental shocks increase the vulnerability of slum dwellers.
This vulnerability is used by politicians and brokers, who politicize access to scarce resources,
and thus make slum dweller more exposed to clientelism. The qualitative literature has long
highlighted how clientelism provides a strategy for slum dwellers to cope with their
vulnerability, but this population is often excluded from quantitative analyses of clientelism.
Using survey data from Argentina and a matching technique that allows us to compare slum
dwellers with similar non slum dwellers, we find that there is indeed a higher prevalence of
clientelism among the former. We use a survey experiment on monitoring and sanctions to show
that this different exposure to clientelism is consequential. We find different responses across
similarly poor slum dwellers and non-slum dwellers regarding the potential consequences of
defecting from clientelistic arrangements. Our findings suggest that including slum dwellers in
quantitative analyses would improve our understanding of clientelism.

With the spread of democracy generated by the third wave, the literature on clientelism—
understood as the personalized exchange of material goods or favors for political support—has
expanded significantly and we now have a much better understanding of the phenomenon. Yet,
empirical findings remain mixed and contradictory on many fronts.1 By contrast, an area of almost
universal agreement is the connection between poverty and clientelism. For some scholars, this
connection is based on the higher marginal value of handouts for poorer voters; for others, it is
their diminished labor market opportunities that makes clientelism cost effective; whereas others
emphasize the impact of income on time horizons, which makes poor people more likely to value
assistance today over uncertain policy promises for the future (e.g., Calvo & Murillo, 2004;
Kitschelt & Wilkinson, 2007a; Luna, 2014; Mares & Young, 2016; Stokes, Dunning, Nazareno,
& Brusco, 2013; Weitz-Shapiro, 2014).2 Even when there is no agreement on the mechanisms, the
bulk of the literature agrees on the connection between poverty and clientelism. Yet a lot of what
we know today is informed by quantitative studies that routinely exclude the poorest and most
vulnerable populations: people living in slums. The qualitative literature on Latin America has
long highlighted the extreme dependence of slum dwellers on political brokerage to access scarce
resources (e.g., Auyero, 2001; Collier, 1976; Gay, 1994), but this population tends to be excluded
from quantitative analyses of clientelism due to difficulties in data collection.
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Scholars continue to debate issues such as whether clientelistic offers are targeted at core voters (e.g., Calvo &
Murillo, 2013; Cox & McCubbins, 1986; Stokes, Dunning, Nazareno, & Brusco, 2013; Zarazaga, 2016), swing
voters (e.g., Lindbeck & Weibull, 1987; Stokes, 2005), or non-mobilized supporters (e.g., Nichter, 2008); the
conditions sustaining clientelistic exchanges (e.g. Brusco, Nazareno, & Stokes, 2004; Finan & Schechter, 2012;
Lawson & Greene, 2014; Oliveros, 2018; Stokes, 2005; Zarazaga, 2014); and the nature of principal–agent problems
between politicians and brokers (local intermediaries between parties and voters) (e.g., Camp, 2017; Larreguy,
Marshall, & Querubín, 2016; Stokes et al., 2013; Szwarcberg, 2015).
2

Less explored are differences among poor voters beyond those related to network connections (Auerbach, 2016;
Calvo & Murillo, 2019; Spater & Wibbels, 2018).
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Studies of clientelism have increasingly relied on public opinion surveys to expand the
external validity of their findings, but slum dwellers are often omitted from these studies. For
logistical, budgetary, and security reasons, slum residents are typically excluded from nationally
representative surveys conducted in most developing countries, including Argentina, the country
of our study. Most representative surveys in the developing world are conducted face-to-face using
some form of multistage area sampling, which usually goes from geographic units, to households
to individuals. This kind of sampling requires information about how to divide the target
population both geographically and numerically; information that is typically found on census
maps and census data (Lupu & Michelitch, 2018). Slums, however are rarely mapped or surveyed
by government agencies (Auerbach, LeBas, Post, & Weitz-Shapiro, 2018, pp. 270–272), and even
when they are, slum maps often do not cover the inner streets and alleys that polling firms and
researchers need to properly select households for surveys. These difficulties heightened when
census data is outdated. At the same time, when conducting representative surveys, polling firms
in the developing world often have to substitute some selected sampling units that are “too remote,
too dangerous, or inaccessible” (Lupu & Michelitch, 2018, p. 207). 3 Compared to other poor
neighborhoods, slums tend to exhibit higher crime rates and have more accessibility problems due
to their frequent location in marginal land and lack of adequate public services, which increases

Half of the requests for substitution of sampling points received in the 2016/17 Latin American Public Opinion
Project (LAPOP), the biggest ongoing survey in the Americas, from local polling firms implementing the survey
were for security reasons. Other reasons included abandoned locations, commercial areas, and areas inaccessible due
to flooding (Personal communication with Noam Lupu, LAPOP Associate Director Project, July 3, 2018). The
survey manual for the Afrobarometer, the biggest ongoing survey in Africa, in turn, states that: "In some cases, a
few EAs [Census Enumeration Areas] may be so inaccessible or so dangerous that substitution becomes necessary"
(Afrobarometer, 2017, p. 34). Substitutions should not exceed 5 percent of EAs and should be done with other EAs
with similar characteristics (except the reason that generated the substitution). All substitutions are reported on
Afrobarometers country codebooks. In Argentina, we talked to three of the main national polling firms and they
confirmed the difficulties in surveying slum dwellers, who are thereby excluded from samples.
3
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vulnerability to environmental shocks (e.g. floods).4 Thus, even in the cases in which maps do
exist, for logistical or security reasons, slums tend to be substituted for other similar points (when
possible) within the same primary sampling unit.
This omission is particularly problematic for our understanding of clientelism, which
many scholars (particularly in the qualitative literature) believe to be most prevalent in urban
slums. While most of the qualitative literature on clientelism suggests that this phenomenon is
prevalent in slums (e.g., Auyero, 2001; Gay, 1994), numerous quantitative studies of clientelism
are based on national representative surveys that exclude these areas. By presenting the first
systematic comparison between the personal experiences and perceptions of citizens of an
Argentine slum with those prevalent among the rest of the (urban poor) population, we want to
call attention to the fact that some urban poor voters are more involved in clientelistic
arrangements than others. To do this, we field our slum survey simultaneously with a nationally
representative survey around the 2015 presidential election in Argentina. We rely on matching
techniques to obtain similar samples of poor voters leaving inside and outside a slum. This
allows us to show how the more vulnerable slum dwellers are more exposed to clientelism and
have a different understanding of the way it operates than other similar urban poor voters.
Although our slum sample is not representative of all Argentine slums, it provides an initial view
into their political reality and calls attention to the risk of excluding this population from
quantitative studies.
We associate the higher exposure of slum dwellers to clientelism with the vulnerability
created by their living conditions. People living in slums lack property titles and, given the

4

In fact, our own pilot for the slum survey had to be postponed because the slum was flooded.
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informality of settlements, may not even have a recognized address, which is crucial to access
public services and seek labor market opportunities. At the same time, their access to basic public
resources and services is scarce and often discretionary, which in turn, makes slum dwellers more
exposed to natural catastrophes. These conditions make them more likely to be exposed to
clientelism than other urban poor voters. In other words, we argue that is not just about the poverty
of the client, but about her vulnerability as well. Indeed, living conditions in slums often engender
clientelistic relations between residents and intermediaries (political brokers) who provide access
to scarce state resources and solve their daily problems (Auerbach, 2016; Auerbach & Thachil,
2018; Auyero, 2001; Holland, 2015; Zarazaga, 2014).
By focusing on a population that is most likely to be targeted by clientelism yet often
ignored in quantitative empirical research, we expect to highlight the importance of understanding
how clientelism works across diverse poor populations. Holding constant individual demographics
usually associated with clientelism, we find that clientelism is more prevalent among slum
dwellers. To show that these differences are consequential, we compare results from a survey
experiment about the potential costs for a voter receiving social assistance from a broker who asks
for a vote in return, while randomly varying the options of whether the voter a) does not turnout
to vote, or b) votes for another candidate. We find different results among similarly poor citizens
inside and outside the slum. The different responses highlight the importance of expanding
quantitative studies to include informal settlements in their analyses.
To our knowledge, our study is the first systematic attempt to compare political attitudes
and behavior associated with clientelism among slum dwellers with other urban poor voters. Our
findings call attention to the potential limitations of prior survey research, which informs most of
the existing literature on clientelism while excluding the respondents most exposed to this
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phenomenon: slum dwellers. In so doing, we contribute both to an emerging literature
distinguishing among poor voters’ exposure to clientelism based on their vulnerability (e.g.
Bobonis et al. 2017) as well as to an incipient scholarship seeking to devise new research strategies
to study the politics of informal urban settings in the new democracies of the Global South
(Auerbach et al., 2018, pp. 270–272; Auerbach & Thachil, 2018; Holland, 2017; Post, 2018).

1. Poverty and Vulnerability among Slum Dwellers
Our focus on the most vulnerable urban poor is crucial to understand clientelism. Not
only are slum populations significant in Latin America, but slum dwellers are also the most
exposed to hazardous conditions challenging their daily life and increasing their vulnerability to
politicized interactions. According to estimates from international agencies, around 24 percent of
the urban population in Latin America and the Caribbean live in informal settlements, which are
also known as shantytowns or slums. Living and environmental conditions in these areas are
distressing. Residents endure inadequate water supplies and sanitation, overcrowded and
dilapidated housing, hazardous locations, tenure insecurity, and are vulnerable to serious health
risks. Furthermore, life in slums is notoriously marked by fear, socioeconomic stigmatization and
discrimination, and exclusion from formal services and employment opportunities (UN-Habitat
2013). In developing regions worldwide, the proportion of slum residents in urban areas has
diminished over recent decades, but absolute numbers have increased (UN-Habitat 2016). In
2012, 113 million people were living in slums in Latin America and the Caribbean, and
projections based on growth rates show that by 2020 there will be over 160 million households
living in slums (IDB 2016).

5

In Argentina, according to a report by the NGO TECHO (TECHO 2016), one in ten
people live in informal settlements.5 There are a total of 2,432 informal settlements, which are
home to an estimated 650,685 Argentine families. More than half of these slums (1,352 total)
and the majority of slum dwellers (397,705 families) are located in the province of Buenos Aires,
which houses one third of the Argentine population with its 16 million inhabitants.6 Within this
province, most slums are concentrated in the suburban belt surrounding the City of Buenos Aires
known as Greater Buenos Aires (Gran Buenos Aires).7 The slum we study is located in this area.
Slum dwellers are more vulnerable than other urban poor voters and are therefore more
dependent on clientelistic arrangements. Following Ligon and Schechter’s (2003) and Bobonis et
al. (2017), we understand vulnerability as being associated both with income (or average
household expenditure) and risk. The vulnerability of slum dwellers is not just a consequence of
their low incomes, but also of the risks they face, which make their welfare uncertain and
volatile. Negative shocks tend to affect households in slums more than other households because
residents have fewer safety nets and are more exposed to environmental risks due to low quality
infrastructure. Slum dwellers share many of the sources of uncertainty and characteristics
associated with vulnerability with other urban poor citizens. Poor citizens, regardless of their
living situation, are affected by food insecurity, are less educated than the rest of the population,
are often unemployed or employed in the informal sector, and they often have more children than
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This report covers the City of Buenos Aires, as well as Córdoba, and Buenos Aires province, and the main urban
areas of another eight provinces. The territory covered houses 67 percent of the Argentine population and
concentrates most of Argentine slums. Nevertheless, it does not cover the entire territory so numbers should be taken
with caution. Information on slums is very limited in Argentina and most of the developing world.
6

A more recent (and official) report that aims at covering the entire territory identifies 4228 informal settlements in
cities over 10,000 inhabitants (39 percent of them in the province of Buenos Aires), and estimates that around 3,5
million people (around 9 percent of the population) live in informal settlements (ReNaBAP 2017). The full
information from this official report is, unfortunately, still unavailable.
7

Greater Buenos Aires refers to the 24 municipalities that are closer to the City of Buenos Aires, excluding the City
itself. See a map of this area (Figure A1) in the Online Appendix.
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citizens who are not poor. All these characteristics have been found to be correlated with
vulnerability (Ligon & Schechter, 2003). Slum dwellers, however, are more exposed to
uncertainty than other urban poor residents in three main areas: tenure (in)security, access to
basic public services and programs, and environmental shocks.
Slum dwellers face land tenure insecurity as they usually lack deeds certifying property
rights over the land they occupy, which generates fear of eviction even when its likelihood (at
least in Argentina) may be small. In addition to fear of eviction, residents often lack legally
recognized physical addresses, which are crucial for accessing employment and public resources.
The slum dwellers we study occupy (or rent) the area they inhabit without clear, legally
recognized tenure arrangements. This vulnerability highlights the difference with other urban
poor in the Greater Buenos Aires area where, according to the 2010 census, only 3 percent of
households have insecure tenure—the same percentage as in the municipality where the slum we
study is located.
At the same time, because slums are often situated in hazardous locations and lack basic
public services, such as sewage and pavement, slums dwellers are more exposed to serious
environmental and health risks. In Argentina, 14 percent of informal settlements have garbage
dumps inside their territory while 17 percent have them within 100 meters (around 300 feet); 10
percent are within a 100 meters of industrial waste dumps (TECHO, 2016). Additionally, two
thirds of informal settlements in the province of Buenos Aires experience flooding whenever
there is heavy rainfall (TECHO, 2016). Flooding is a serious issue in the slum we study—it is the
third most mentioned issue when we asked dwellers about the main problems in the slum. The
slum is located on low land, bordered by a small river, which regularly overflows as sewage
drains from other neighborhoods. As a result, most of the slum floods when it rains heavily.

7

Precarious housing (only 5 percent of the respondents in our sample live in brick houses),
unpaved streets and corridors (only 7.5 percent of our respondents live on paved streets), and
lack of sewers increase exposure to flooding while aggravating slum dwellers’ vulnerability.8
Finally, slums are characterized by poor (or lack of) access to basic public services. In
Argentina, two thirds of informal settlements have pit latrines, including the one we study
(compared to one quarter of households in the province of Buenos Aires). Ninety-five percent of
slums in Argentina, including the one we study here, do not have access to gas from public
networks forcing their inhabitants to rely on propane tanks, which is more expensive than gas
from the public grid (TECHO, 2016). By contrast, only a third of households in the province of
Buenos Aires and in the municipality of the slum we study are not connected to the gas networks
(2010 Census). As in most slums in the area, water supply and garbage collection are deficient in
the slum we studied.
In addition to the vulnerability created by tenure insecurity, poor access to public services
and resources, and higher exposure to environmental shocks, slum residents are also subjected to
physical insecurity, stigmatization, and discrimination. Employers often discriminate against
residents, causing people to give addresses of relatives or friends who are not slum dwellers
when applying for jobs.9 Moreover, vulnerability to crime is higher in informal urban
settlements. In Argentina, this has been associated with the lack of formal streets, public
lightening, and police patrolling (Kessler & Bruno, 2018). An official report from the local
Judiciary Department states that 75 percent of homicides in the area occurred in informal

8

40 percent of slums in Argentina lack paved streets and two thirds do not have sewerage (TECHO, 2016).
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According to a priest from the slum where we conducted the survey, all his young parishioners use the addresses of
relatives when applying for jobs.
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settlements (Departamento Judicial de San Martin, 2012, p. 12). Indeed, crime is mentioned as
their main problem by the slum dwellers in our survey.

2. Vulnerability and Clientelism
The vulnerability of slum dweller exposes them to clientelism. We argue that living
conditions in slums make clients more vulnerable and thus clientelistic relations more likely, as
slum dwellers rely on brokers to provide access to scarce state resources and solve everyday
problems. We are not the first, however, to relate clientelism to vulnerability. Our argument is
resonate with a recent working paper by Bobonis et al. (2017) that studies the interplay between
droughts, vulnerability, and clientelism. Pointing to the same effects of vulnerability on a different
population, Bobonis, et al. (2017) show how rural voters in Brazil who are exposed to droughts
are more likely to engage in clientelism to improve their access to water. Post (2018, p. 120) points
out that research that examines how intermediaries exchange the votes of their followers for local
infrastructure (e.g., Auerbach 2016, Gay 1994), “implicitly suggests that greater infrastructural
needs in dense urban slums may provide more fodder for clientelism than in rural areas.”
Since they are more vulnerable, slum dwellers often resort to brokers (called referentes or
punteros in Argentina) and politicians for solving their daily problems, accessing basic public
services and resources, and dealing with negative shocks. The politicization of access to scarce
public services heightens this process. Even in cases in which public resources and services are
available, slum residents are unable to rely on continuous and non-discretional access (Auerbach,
2016; Auyero, 2001; Holland, 2015, 2016; Zarazaga, 2014). Insecure property rights have also
been shown to extend the exposure of voters’ to clientelism and their dependence on politicians’
arbitrariness (Holland 2017, Larreguy et al 2015). Brokers are essential for demanding
9

development and distributing resources, from unemployment programs and public sector jobs to
food, medicine, clothes, and constructions materials.10 Beyond material resources, brokers also
provide help accessing other benefits, for instance, getting an appointment at the local hospital, or
filing a form to access some benefit provided by the local government, and basic information.
Indeed, brokers often provide the information necessary to access resources that are, in principle,
available to everyone. For the case of Argentina, the qualitative work of Auyero (2000), Zarazaga
(2014), and Szwarcberg (2015) provide a detail description of the ways in which political brokers
are crucial for solving the everyday problems of slum dwellers.
Beyond the Argentinean case, this reliance of urban slum dwellers on political brokers to
cope with their vulnerability has been documented in the case of Brazil (e.g. Gay 1994), Mexico
(e.g. Cornelius 1975), Peru (e.g., Stokes, 1995, Collier 1976), India (e.g., Auerbach, 2016;
Auerbach & Thachil, 2018; Jha, Rao, & Woolcock, 2007), South Africa (e.g., Dawson, 2014), and
Ghana (e.g., Paller, 2014). Embedded in local communities, these brokers are intermediaries in the
relationship between politicians and voters. Whereas their linkages to politicians allows them to
access resources, their personal connections to voters and their knowledge about voters’ needs are
crucial for the electoral effectiveness of distribution and the success of their political mobilization
(Calvo & Murillo, 2019, Chapter 7; Zarazaga, 2014). Like the Indian slum brokers described by
Auerbach & Thachil (2018) those with better access to state resources are the most successful in
Argentina (Zarazaga 2014; Szwarcberg 2015). In exchange for access to scarce resources, brokers
expect political support at the ballot box and attendance at rallies and protests, which allow them

10

When the slum we study here is flooded, for instance, political brokers become highly important as providers of
basic welfare. In the aftermath of flooding, brokers distribute clothes, mattresses, and medicines (particularly asthma
medication for children). During one particular flood, we observe a broker rescuing slum dwellers with a boat. On a
different occasion, a hundred slum residents relocated to the parish church. A broker gave two mattresses for each
family in the church. When the rain ceased and they wanted to leave, he retained them in the church until a
photographer came to provide visual proof of his help (Personal communication with the slum priest).
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to signal their capacity for political mobilization to politicians (Stokes et al., 2013; Szwarcberg,
2015). In sum, we expect the higher vulnerability of slum dwellers to result in a higher exposure
to clientelistic exchanges:
H1: We expect slum dwellers to be more exposed to clientelism than similar non-slum
urban poor.
To test whether the higher exposure of slum dwellers to clientelism has a significant
effect on their perceptions of how clientelism works, we conduct a survey experiment on the
potential consequences of not fulfilling a clientelistic agreement across slum dwellers and nonslum dwellers. The experiment asked respondents about the consequences for a voter receiving
social assistance (an unemployment plan) from a broker who asks for her vote in exchange,
while randomly varying the options of whether the voter a) does not turnout to vote or b) votes
for another candidate. Whereas turnout is easy to monitor by brokers, monitoring specific
choices at the ballot box requires the ability to tamper with the secrecy of the ballot box.
Under the secret ballot, the sequenced nature of clientelistic exchanges and the fact that
legal mechanisms cannot be used to enforce these agreements, generate commitment problems
(e.g., Oliveros, 2018; Piattoni, 2001; Robinson & Verdier, 2013; Stokes, 2007). Clients may
comply because they are afraid of punishment if they fail to deliver the requested political
support (e.g., Brusco, Nazareno, & Stokes, 2004; Stokes, 2005; Stokes et al., 2013; WeitzShapiro, 2014). In this case, a broker’s capacity to monitor voting behavior—or making clients
believe that this is possible even in the case of secret ballot (Chandra 2007, Kitschelt and
Wilkinson 2007)—becomes fundamental. Alternatively, brokers may monitor visible political
support, such as turnout (Nichter, 2008), or rally attendance (Stokes et al., 2013; Szwarcberg,
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2015) to evaluate the “loyalty” of their clients, or they can monitor collective behavior at the
level of the polling station (Cooperman, 2019; Gingerich & Medina, 2013; Rueda, 2017).11
To test whether higher exposure to clientelism among slum dwellers is consequential for
their understanding of the phenomenon we compare the survey experiment responses of the slum
dweller with those of the non-slum dwellers. That is, we compare the urban poor population in a
national representative sample, which has been the focus of most quantitative analysis of
clientelism, with slum dwellers, who have been identified as the most susceptible to clientelism
in the qualitative literature, but have been often absent of research based on national
representative samples. We expect different responses across similarly poor slum dwellers and
non-slum dwellers regarding the potential consequences of shirking on a clientelistic
arrangement:
H2: We expect slum dwellers to have different views on the cost of voter defection from a
clientelistic exchange than similar non-slum urban poor.

3. Empirical Strategy
Our data come from two different surveys conducted around the 2015 presidential
election in Argentina.12 One is a national representative survey: the 2015 Argentine Panel
Election Study (APES) (Lupu, Gervasoni, Oliveros, & Schiumerini, 2015). The other one is a
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Monitoring is not necessary if clients support brokers due to a sense of obligation or reciprocity for having
received their help (Finan & Schechter, 2012; Lawson & Greene, 2014; Scott, 1972) or if voters perceive such
support as part of their self-interest to continue the flow of resources coming to the broker to whom they are
connected (Diaz-Cayeros, Estevez, & Magaloni, 2016; Oliveros, 2016, 2018, Zarazaga, 2014, 2015).
12

More information on APES 2015 can be found on http://www.noamlupu.com/data.html; more information on the
slum survey can be found in the Online Appendix.
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shorten version of the same questionnaire conducted in one slum located in the municipality of
San Miguel (Greater Buenos Aires). APES was conducted by MORI—one of the largest public
opinion companies in Argentina— and it involved two national waves of face-to-face interviews
with Argentine citizens 18 years old and over. All interviews were conducted using PDAs. The
first wave of interviews (June-August 2015) was based on a nationally representative sample of
Argentine voters living in cities with 10,000 inhabitants or more, while the second wave
(November-December 2015) consisted of a panel sample of respondents from the first wave that
agreed to participate again, plus a refresh sample. The first wave includes 1,149 respondents,
while the second wave includes 780 of the 1,149 respondents from the first wave plus 626
respondents drawn from a refresh sample.13 The second wave therefore has a sample size of
1,406.14 In this paper, we use data mainly from the first wave.15
The survey among slum dwellers (citizens or permanent residents aged 18 years old and
over) consisted of a significantly reduced version of the 2015 APES questionnaire and was
administrated between December 1, 2015 and January 3, 2016 by a team of local enumerators
that we recruited, trained, and supervised. All of the enumerators were familiar with the slum—
which was key for the success of the survey— since they were affiliated with a non-profit
organization that has been providing social services in the community for twenty years. One of
the main challenges in conducting surveys in slums is that official maps from which households

13

The APES 2015 panel design implied that there was an attempt to re-interview all respondents from the first
wave. The success rate was 68 percent (780 out of 1,149 original respondents). To compensate for sample attrition, a
refresh sample of 626 respondents was drawn, selected according to the same procedures use for the first wave.
14

Table A2 in the Online Appendix shows the sample representativeness for the APES survey and the comparison
with our slum sample for age, education, and gender.
15

We use data from the first wave because some of the questions analyzed in this paper were not included on the
second wave.
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can be selected do not exist. To get around this issue, we took advantage of maps that were
drawn by the aforementioned NGO. These maps included all the streets and alleys in the slum
and the number of houses on each block. Our enumerators were randomly assigned a starting
point in the slum and were instructed to conduct interviews in every other household.16
We selected a slum located in San Miguel, one of the northwestern municipalities of
Greater Buenos Aires where a third of the population lives in poverty.17 Since the 1960s, Greater
Buenos Aires has attracted economic migration from northern provinces and neighboring
countries, which resulted in the establishment of hundreds of informal settlements and a high
population density of around 2700 people per square kilometer.18 The slum we selected started to
populate in the late 1960s, with migrants mainly from the Argentine provinces of Chaco and
Santiago del Estero, as well as from Chile and Paraguay. Residents established precarious homes
in a private vacant rural property with disputed property rights. Today, the slum occupies 100
acres and in 2010—the last official local record— had a population of 10,000 inhabitants. An
NGO that works in the area calculates roughly 15,000 inhabitants. As described in the prior
section, the slum lacks basic public services and infrastructure and it is located on an area prone
to flooding.
The wording for all the questions was the same in both surveys and was kept as simple as
possible, considering the challenges of conducting a survey among a population with low levels
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This is an imperfect methodology since houses may contain more than one household – particularly in slums –
but it is a reasonable, feasible solution to the challenge of drawing a representative sample from these communities.
17

See Table A1 in the Appendix for more information. 35.7 percent of the population of Greater Buenos Aires was
poor in 2016, compared to 32.5 percent for the entire country (Source: http://observatorioconurbano.ungs.edu.ar/
with data from Encuesta Permanente de Hogares - INDEC. Second trimester, 2016).
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For comparison, the population density of Argentina is 10.7 people by Km2, and the population density of the
province of Buenos Aires is 50.8 people by Km2. Note also that this area is 99.8 percent urban.
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of education.19 Because clientelism involves either illegal activities or, at the very least, is
associated with negative social stigma, both patrons and clients have incentives to misreport
clientelistic exchanges, thereby increasing the probability of under-estimation when relying on
direct questions included in traditional surveys.20 Following Gonzalez Ocantos et al. (2012), to
address problems of social desirability bias and obtain reliable estimates of clientelistic practices,
we use a list experiment. This technique is useful for generating unbiased estimates when dealing
with sensitive topics and it is simple to implement. First, the survey sample is randomly split into
two halves, the treatment and the control group. Respondents in each group are read the same
question and shown a list with different number of response options. List experiments work by
aggregating the item we care about (the “sensitive” item) with a list of other items. The only
difference between lists for the two groups is the number of response categories—the list for the
treatment includes the sensitive item whereas the control list does not. The sensitive item in this
case was: “Did you receive any material benefit—like clothes or food—or personal favor from a
political broker?” The question does not ask respondents to tell the enumerator the specific
activities they witnessed, but only to indicate how many of those activities were witnessed, so the
question provides the respondents with full anonymity.21
The survey also includes two direct questions about clientelism asking respondents
directly if they have received any material benefit or personal favor from a candidate or a
political broker (self-reported clientelism) and whether the respondent’s neighbors have received
any benefit or favor (witnessed clientelism), respectively. Note that all three measures refer to
experiences with the supply side of clientelism, but it does not inquire about voters’ response to
19

Question wording (in English and Spanish) for all questions can be found in the Appendix.
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See Kitschelt & Wilkinson (2007, 323-327) for a discussion.

21

For general advice on designing list experiments see Glynn (2013).
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these clientelistic offers. We use these three alternative measures to assess differences in
exposure to clientelism (H1).
Similarly, given the sensitivity of asking directly about the potential consequences of
breaking a clientelistic agreement, we randomly assigned respondents to hear vignettes
presenting different outcomes of a hypothetical exchange involving exchanging political support
for an employment plan. Random assignment to the different vignettes creates groups that, on
average, are equivalent on observable and unobservable characteristics.22 We compare the
average responses across groups in order to isolate the causal effect of the treatment (in our case,
a hypothetical neighbor’s electoral behavior). The vignette read as follows (with the phrases in
brackets randomized across respondents):

Now imagine that other political broker named [RV1a: Pedro / RV1b:
Susana] [RV2a: obtains / RV2b: promises] an employment plan (plan de
empleo) to a neighbor from the neighborhood and asks him/her to vote for
his/her candidate in the next election. The neighbor accepts the
employment plan but on election day he/she decides [RV3a: not to vote /
RV3b: to vote for another candidate].

Information about the sex of the broker (RV1), whether the broker promise or obtains the
employment plan (RV2), and the behavior of the neighbor on election day (RV3) were all
randomized across respondents.23 In this paper we focus only on the third treatment, the electoral
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Tables A2-A6 in the Online Appendix show the distribution across the different treatment conditions and balance
on pre-treatment characteristics for both surveys.
23

There were then a total of 2x2x2=8 randomly assigned vignettes. For the national representative survey (APES
2015) randomization was programmed into the PDAs that the enumerators used to administrate the survey. For the
survey in the shantytown, enumerators received printed survey questionnaires with the different preprinted vignettes.
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behavior of the neighbor (RV3). Immediately following the vignette, respondents were asked,
“How likely do you believe it is that the neighbor faced any problem [RV3a: for not turning
out to vote / RV3b: for not voting for [Pedro / Susana]’s candidate]? Very likely, somewhat
likely, somewhat unlikely, not at all likely?” To facilitate interpretation, we collapse this
outcome variable to a dichotomous variable that takes the value of one for responses “very
likely” and “somewhat likely” and zero for “somewhat unlikely” and “not at all likely.”
To compare responses of slum dwellers with other similar urban poor voters who do not live
in the slum, we combine two strategies. First, we reduce heterogeneity and improve
comparability across groups by using only APES 2015 data from Greater Buenos Aires, the area
where the slum we study is situated. Second, we use matching to produce groups that are as
similar as possible in observed covariates. Matching seeks to improve or create balance
understood as “the degree to which the treatment and control covariate distributions resemble
each other” (Ho, Imai, King, & Stuart, 2007, p. 215). Like experiments, matching can produce
groups that are comparable on observables; unlike experiments, matching cannot guarantee
comparable groups on unobservable characteristics.
We use a matching technique called cardinality matching, which maximizes the size of the
matched sampled that is balanced according to the requirements for covariate balance set by the
researcher before matching (Zubizarreta & Keele, 2017; Zubizarreta, Paredes, & Rosenbaum,
2014). This was crucial because we do not have a large number of observations and cardinality
matching allows us to use more observations than other matching methods (Visconti &
Zubizarreta, 2018).24 Using this method, each respondent who lives in the slum is matched to a

24

For a general overview of this method, see Zubizarreta et al. (2014) and Zubizarreta & Keele (2017); for a
discussion of its main advantages see Visconti & Zubizarreta (2018); for an application to economic voting, see
Visconti (2017).
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single respondent who does not live in the slum and who is as similar as possible to the first
(particularly in terms of poverty and other predictors normally associated with clientelism). After
creating a matched subset of the data in this way, the rest of our analysis is based on calculating
the differences across the matched pairs.25
In order to produce groups that, on average, have similar distribution of observed
covariates, we included 15 covariates in the matching procedure.26 Included covariates were
selected based on their relation to the outcome (clientelism), the treatment assignment (living in
the slum), or both. These include personal characteristics (age, gender, education, marital status,
employment, and number of people and children in the household) and household assets (freezer,
cellular phone, washing machine, computer, and flat screen TV) to proxy for income. Given the
closer connection between one of Argentinean parties (the Peronist Party) and clientelistic
practices (e.g. Brusco et al., 2004; Calvo & Murillo, 2004, 2013), our matching procedure
includes a covariate for Peronism. We measure this covariate using the respondent’s report about
her father’s partisanship when she was younger. Finally, we include two covariates to account
for state dependency: whether respondents or anyone else in their household receives benefits
from the federal conditional cash transfer program (Asignación Universal por Hijo- AUH) or
were beneficiaries of the non-contributory pension program for those not covered by social
security (moratoria previsional) (Lustig & Pessino, 2014). We expect beneficiaries of
government programs to be more susceptible to clientelism. At the same time, AUH is
considered to be a relatively well-targeted program (De La O, 2015; Garay, 2016) so it also
works in our analysis as another indicator of poverty.

25

We use the designmatch package available in CRAN (Zubizarreta & Kilcioglu, 2016). To conduct the
optimization, we use the Gurobi 7.5.2 solver.
26

The details for each covariate are included in Table A8 in the Online Appendix.
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The first step is to obtain two matched samples. After restringing wave 1 of the APES
national representative sample (N=1,149) to only those respondents who live in Greater Buenos
Aires, we are left with 328 subjects in the non-slum residents group (our control group) and 385
subjects in the slum residents group (our treatment group). After the matching procedure, we are
left with a sample of 234 respondents in each group.27 Cardinality matching maximizes the size
of the sample that achieves the mean balance constraints imposed beforehand. In our case, we
imposed a tolerance for imbalances that does not allow differences >1/10 of a standard deviation.
Matching can only be considered successful in holding constant the influence of
covariates if it creates balance in the distribution of covariates across groups. To verify that our
matching procedure was indeed successful in creating balance in covariate values between slum
respondents and non-slum respondents, we calculated standardized differences in covariate
means before and after matching for all the covariates included in the matching procedure. Table
1 presents the mean balance and the absolute standardized differences in means before and after
matching for all the covariates included in the matching procedure.

27

Regarding missing values for covariates, we impute the median and generate binary variables for missingness.
These variables indicating missing values are also included in the mean balance optimization.
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Table 1: Mean Balance, before and after Matching
BEFORE MATCHING

AFTER MATCHING

Standarized
differences
Slum
in means
residents

Slum
residents

NonSlum
residents

Age (18-84)

38.28

42.26

0.25

37.93

39.49

0.1

Female

0.63

0.53

0.19

0.6

0.56

0.08

Education (0-5)

2.04

2.13

0.07

2.06

2.16

0.08

Married

0.32

0.33

0.03

0.31

0.34

0.07

# of children (08)

1.66

1.19

0.35

1.44

1.37

0.05

# of people (113)

4.57

3.77

0.42

4.17

4.06

0.06

Employed

0.53

0.50

0.05

0.56

0.51

0.09

Freezer

0.89

0.89

0

0.89

0.86

0.08

Cellular phone

0.95

0.87

0.29

0.93

0.94

0.06

Washing
machine

0.89

0.88

0.05

0.87

0.87

0.01

Computer

0.47

0.51

0.09

0.48

0.44

0.07

Flat screen TV

0.67

0.53

0.29

0.66

0.62

0.1

Peronist father

0.89

0.94

0.17

0.89

0.91

0.09

AUH

0.51

0.21

0.65

0.34

0.3

0.09

Moratoria

0.21

0.04

0.53

0.08

0.05

0.09

Observations

385

328

234

234

Covariate
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NonStandarized
Slum
differences
residents
in means

As expected, slum dwellers are different in important ways from those who do not live in
the slum so there were several serious imbalances in the full sample. In particular, slum residents
tend to have more children, share their households with more people, and are more likely to
receive benefits through the conditional cash transfer program (AUH) and the non-contributory
pension (moratoria). We do not find important differences in terms of material possessions,
which could reflect the crudeness of our measures but also likely reflects the fact that 36 percent
of the population of Greater Buenos Aires lives in poverty. Note, however, that the conditional
cash program (AUH) is considered to be a well-targeted program (De la O 2015, Garay 2016)
and we find significantly more beneficiaries of this program among slum residents. Table 1 also
shows that after the matching procedure, none of the imbalances are >1/10 of a standard
deviation.

4. Results
We begin our analysis by showing that there is indeed significant variation in exposure to
clientelism across the respondents to the nationally representative survey, respondents who live
in Greater Buenos Aires (GBA), and respondents who live in the slum (H1). Table 2 presents our
estimates of clientelism across these three samples using the three different measures.28

28

Table A7 in the Appendix reports the distribution of responses across treatment and control groups for the list
experiment estimates.
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Table 2: Self-reported and witnessed clientelism, across samples
APES NATIONAL SURVEY
SLUM
DWELLERS

Wave 1

Wave 2

All
Greater
respondents Buenos Aires

All
respondents

Greater
Buenos Aires

Self-reported
clientelism

14%

4%

4%

2%

3%

Witnessed
clientelism

54%

27%

26%

18%

24%

43%***

11%*

21%**

15%***

27%***

List experiment
estimates

Note: DN/NA for self-reported clientelism and the list experiment are coded as missing; DN/NA for witnessed
clientelism are coded as zero. Results from APES were calculated using post-stratification weights (included in the
APES dataset) to adjust for unit nonresponse and attrition based on three demographic characteristics: gender, age,
and education. *** p <0.01, ** p <0.05, * p <0.1

Across the three different measures and both waves of the general survey, slum
respondents reported higher levels of clientelism than non-slum respondents. Thus, a first look at
the data is indeed consistent with our argument that slum dwellers, more vulnerable than others,
are more exposed to clientelism (H1), even when compared to those who live in the same area
(GBA). Of course, individuals who live in slums may be fundamentally different from those
who do not live in slums in terms of personal characteristics, experiences, and environment in
ways that could be associated with clientelism. In particular, we know that poverty is a strong
predictor of clientelism. We therefore based the rest of our analysis on the matched data that
holds constant the potentially confounding influence of the respondents’ characteristics.
Table 3 presents the results of our matching analysis using the two direct measures of
clientelism. Columns 3 and 6 show the results for the main specification including the 14
22

covariates that were used in the matching procedure. Columns 1 and 4 do not include any
controls, while columns 2 and 5 include only the socioeconomic controls.29

29

Full table can be found in the Online Appendix (Table A9).
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Table 3: The effect of living in a slum on reporting clientelism, regression results
Self-reported clientelism
(1)
Living in the slum

(2)

(3)

Witnessed clientelism
(4)

(5)

(6)

0.07*** 0.08*** 0.08*** 0.23*** 0.23*** 0.22***
(0.03)

(0.03)

(0.03)

(0.04)

(0.05)

(0.05)

Socioeconomic controls

No

Yes

Yes

No

Yes

Yes

All controls

No

No

Yes

No

No

Yes

Observations

468

468

468

468

468

468

Note: Standard errors in parentheses; *** p <0.01, ** p <0.05, * p <0.1

The results across the different specifications clearly show that living in a slum is
positively and significantly correlated with the probability of experiencing and witnessing
clientelism. The magnitude is substantial. Living in the slum increases the probability of
reporting personal clientelism by 7-8 percentage points (from around 5 to 12 percent). In the case
of witnessed clientelism, the estimated effect is an increase in the probability of a positive
response of 22-23 percentage points (from around 30 to 53 percent).
Two important caveats, however, are worth noting. It is possible that part of the estimated
effect of living in the slum on Witnessed Clientelism could be explained by the higher population
density in the slum. Due to overcrowding, our slum respondents live in closer contact with more
people than our non-slum respondents and that may affect their likelihood of witnessing more of
their neighbors’ actions. Unfortunately, we do not have a measure of population density in the
slum to account for this possibility. However, Greater Buenos Aires is also very densely
populated with 2700 peopler per Km2, making it unlikely that this result is driven by population
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density.30 Second, the observed differences may also be related to measurement issues. Indeed,
questions about clientelism (particularly in the case of Self-reported clientelism) are sensitive, so
respondents may not be willing to provide honest answers when asked directly (GonzalezOcantos et al., 2012; Gonzalez-Ocantos, Kiewiet de Jonge, & Nickerson, 2014). If slum
respondents were more willing to provide honest answers about being personally involved with
clientelism than other respondents, we would also find higher rates of self-reported clientelism in
the slum. To address this issue, Table 4 replicates the analysis using list experiment estimates
and the results point in the same expected direction as the direct questions.
Among slum dwellers, the estimated percentage of respondents receiving a favor or a gift
in the last year is a significant 27 percent; while the estimated percentage among the non-slum
dwellers is a non- significant 12 percent. This, of course, does not mean that there is no
clientelism among the non-slum respondents. Most likely this is caused by the fact that we do not
have enough statistical power, considering the higher demands of list experiments in this regard.
Note, however, that we do find a significant estimate for the slum dwellers respondents with the
same sample size (N=234) which indicates that, in line with the responses from the direct
questions, clientelism is simply less prevalent among the non-slum respondents. Moreover, there
is no reason to expect social desirability bias on the question about witnessing clientelism, which
shows a significant higher proportion among slum respondents. In sum, living in a slum is
significantly and positively correlated with the probability of reporting clientelism across all
three measures. In line with our expectations, clientelism appears to be higher among slum
respondents (H1).

30

See Table A1 in the Online Appendix.
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Table 4: Clientelism among slum and non- slum residents, list experiment estimates
Slum
residents
Treatment

Control

Estimated Proportion

Non Slum
residents

2.98

2.22

(0.08)

(0.09)

N=117

N=114

2.71

2.1

(0.05)

(0.08)

N=117

N=120

0.27***

0.12

(0.097)

(0.12)

N=234

N=234

Note: Two-sample t-tests with unequal variance; *** p <0.01, ** p <0.05, * p <0.1.

Table 5 presents the results of our survey experiment design to explore respondents’
perceptions of the potential costs for a client that decides to shirk on a clientelistic agreement.
Specifically, Table 5 displays the proportion of respondents in each of the two treatment
categories who say that it was very likely or somewhat likely that a neighbor who had entered a
clientelistic agreement would face a problem if they did not turn out to vote (Treatment 1) or if
they voted for a candidate different than the one supported by the broker (Treatment 2) in both
surveys, across slum and non-slum respondents.
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Table 5: Respondents’ beliefs about the negative consequences of not voting vs. voting for
another candidate, across slum and non-slum respondents

Slum
Non Slum
respondents respondents
Not voting

Voting for
another candidate

Difference

0.55

0.52

(0.04)

(0.04)

N=128

N=126

0.42

0.45

(0.05)

(0.05)

N=106

N=108

0.13**

0.06

(0.07)

(0.07)

N=234

N=234

Note: Rows 1 and 2 report the proportion of respondents in each treatment group who said that it was very likely or
somewhat likely that the neighbor would get in trouble for his/her electoral behavior. Two-sample t-tests with
unequal variance; *** p <0.01, ** p <0.05, * p <0.1.

The share of slum respondents (Column 1) who believe that the neighbor would get in
trouble if she decides not to turnout to vote is 55 percent (top row), while those who believe that
the neighbor would get in trouble if she votes for a different candidate than the one requested is
42 percent (middle row), a statistically significant difference of 13 percentage points. This
difference in perceptions of the level of risk associated with shirking on the clientelistic
agreement by voting for a different candidate or not voting at all suggests that most respondents
are not expecting political brokers to find out about their electoral choices, which are less
observable than turning out. Even when voting for another candidate is more damaging for the
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broker, respondents believe that the consequences of breaking the clientelistic arrangement
would be worse if the client fails to turnout. In fact, for the majority of slum respondents (58
percent), voting for another candidate is very unlikely or somehow unlikely to cause any trouble
to the client.
Among the respondents from Greater Buenos Aires (non-slum dwellers, Column 2), the
treatment effect is in the same direction but smaller and not significant. Indeed, the percentage of
respondents who believe that the client will face serious consequences by failing to turnout is 52
percent, while the percentage believing she would get punished for voting for a different
candidate is 45 percent. This non-statistically significant difference of 6 percentage points is 7
percentage points lower than among slum respondents. Thus, respondents with lower exposure to
clientelism in the national sample do not differentiate between failing to turnout or voting for
another candidate in terms of costs for the client. By contrast, those with more personal
experience with clientelism (slum respondents) believe that the negative consequences for
defecting clients are significantly higher if they do not turnout than if they support another
candidate. In line with our expectations, slum respondents and non-slum respondents have
different perceptions of how clientelism works (H2).

5. Conclusions
In this paper, we explore the connection between poverty, vulnerability, and clientelism
in new democracies by comparing the exposure to clientelism among different urban poor voters.
Insecure tenure, lack of access to public resources, and location in areas exposed to
environmental shocks increase the vulnerability of slum dwellers. This vulnerability is often used
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by politicians and brokers, who politicize access to scarce resources, and thus make slum dweller
more exposed to clientelism than other urban poor voters. By comparing two similar
populations—thanks to our slum survey and matching techniques—we are able to show that
slum dwellers are more exposed to clientelism. Indeed, some poor urban voters are more
susceptible to clientelistic arrangement than others. Using a matching technique that allows us to
compare respondent who live in a slum with similar respondents who do not live in a slum, along
with a list and a survey experiment, we show not only the higher prevalence of clientelism
among slum dwellers, but also their distinctive understanding of clientelistic exchanges.
Our results confirm the conventional wisdom in the qualitative literature regarding the
higher prevalence of clientelism among slum dwellers. Regarding the perceptions of monitoring
and punishment in clientelistic exchanges, our findings are quite suggestive. Slum respondents
assign a higher probability of punishment to clients who do not turn out than to those who vote
for a different candidate. We do not find the same difference among non-slum respondents.
The result of this survey experiment is, in our view, a strong indicator of the importance
of studying clientelism (and doing surveys) where it actually matters. A lot of what we know
today about clientelism is based on national surveys that exclude the slum population, not only a
significant part of the population in developing countries but also one that is disproportionally
targeted by clientelism. Our understanding of the way clientelism works may change if slum
dweller populations were included in the surveys we use. Recent scholarship in India has started
with this agenda (see Auerbach 2016 & Auerbach and Thachil 2018; Spater and Wibbels 2018).
We believe that future studies should continue exploring this line of work.
To the best of our knowledge, we provide the first systematic comparison of the extent
and views of clientelism among slum dwellers and similarly poor non-slum urban dwellers. Our
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results suggest that is important to study clientelism where the population is most vulnerable
despite the difficulties involved in collecting data in those settings. We make a call for
quantitative studies of clientelism to include slums, where voters are more vulnerable. We expect
others to follow this research path for advancing our understanding of the comparative political
behavior of slum dwellers, and the implications of citizens’ vulnerability on politicians’
responsiveness more generally.
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Online Appendix
Figure A1: Map of Greater Buenos Aires

Note: “Capital Federal” (Federal District) is the older name of the City of Buenos Aires.
Municipalities in darker grey are the 24 municipalities that formed the Conurbano Bonaerense.
San Miguel can be seen to the northwestern of the City of Buenos Aires.
Source: Map constructed over original from Wikimedia Commons, available here:
https://commons.wikimedia.org/wiki/File:Mapa_de_la_Gran_Buenos_Aires.svg
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Table A1: Demographic information of Greater Buenos Aires

Population

Size
(Km2)

Population
density
(Pop/Km2)

Total Argentina

40,117,096

3,745,997

10.7

91.0

% of
households
with
NBI*
9.1

Total Buenos Aires province

15,625,084

307,571

50.8

97.2

8.1

Total Greater Buenos Aires

9,916,715

3,680

2694.8

99.8

9.2

552,902
342,677
324,244
300,959
163,722
426,005
414,196
181,241
167,824
265,981
1,775,816
459,263
616,279

129.3
52.5
221.0
120.2
236.8
189.9
55.8
35.4
38.2
50.2
329.22
48.4
87.3

4275.1
6,529.7
1467.1
2503.4
691.4
2243.3
7429.5
5115.5
4388.7
5302.7
5394.0
9,498.7
7,059.3

99.9
100
100
99.9
99.2
100
100
100
100
100
100
100
100

10.5
5.8
10.4
10.8
14.1
17
6.7
6.9
4.9
12
11.9
5
8.9

3.9
3.3
3.7
3.9
3.9
4.1
3.4
3.6
3.4
4.0
4.4
3.3
3.7

322,375

63.1

5109.8

100

12.1

4.0

528,494
452,505
321,109
582,943
163,240
292,878
276,190
376,381
340,071
269,420

173.13
186.1
55.7
91.5
877.1
51.4
82.8
304.4
43.0
33.8

3052.6
2,431.1
5769.1
6,371.7
186.1
5693.6
3335.6
1236.7
7901.3
7978.1

99.8
100
100
100
98.2
100
100
98.5
100
100

11.5
12.9
3.5
9.2
8.6
3.7
8.2
11
4.3
2.4

3.9
4.0
3.2
3.5
3.6
3.2
3.8
3.8
3.2
2.8

24 Municipalities
ALMIRANTE BROWN
AVELLANEDA
BERAZATEGUI
ESTEBAN ECHEVERRÍA
EZEIZA
FLORENCIO VARELA
GENERAL SAN MARTÍN
HURLINGHAM
ITUZAINGÓ
JOSÉ C. PAZ
LA MATANZA
LANÚS
LOMAS DE ZAMORA
MALVINAS
ARGENTINAS
MERLO
MORENO
MORÓN
QUILMES
SAN FERNANDO
SAN ISIDRO
SAN MIGUEL
TIGRE
TRES DE FEBRERO
VICENTE LÓPEZ

%
urban

Average
# of
people
per
house

Source: INDEC (2013) Censo Nacional de Población, Hogares y Viviendas 2010. CEPAL/CELADE
Redatam+SP
Note: A household is considered to have unsatisfied basic needs (NBI - Necesidades Básicas
Insatisfechas) if it meets at least one of the following characteristics: density of more than three persons
per room (crowding), living in a precarious house (housing), not having an indoor flush toilet (sanitation),
having a child between 6 and 12 years old who is not attending school (school attendance), or having
more than four members per employed member and the head of the household having two or fewer years
of elementary school (subsistence capacity). For reference, the richest municipality in the country is
Vicente López (last row).
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Slum Survey
The slum survey was conducted between December 1 2015 and January 3 2016 by a team of
seven local enumerators recruited, trained, and supervised by the authors. All of the enumerators
were familiar with the slum and its residents since they were affiliated with a non-profit
organization that has been providing social services in the community since 1999. The ONG has
15 employees and 20 years of experience doing social work with the poor in slums in the
province of Buenos Aires. All our enumerators were affiliated with this ONG and all of them
live either in the slum or very close by. To conduct the survey, we took advantage of maps that
were drawn by this NGO. These maps included all the streets and alleys in the slum and the
number of houses on each block. Our enumerators were randomly assigned a starting point in the
slum and were instructed to conduct interviews in every other household. Figure A2 shows one
of these maps as an example.
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Figure A2: One of the handmade maps used for the survey

The response rate was 72 percent. The survey was preceded by a pilot administered in November
28, 2010. In the pilot, each of the seven enumerators conducted five surveys. The goal was to test
the survey instrument (particularly the list and survey experiments) and elicit feedback from
interviewers and respondents about question wording and clarity. For the purpose of survey
verification, we randomly selected 10 percent of the questionnaires (43 in total), and we
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contacted the interviewees again. Of the 43 respondents, we failed to contact six of them. Of
those six, two of them had moved out of the slum (according to their neighbors). The “control
survey” consisted on five basic questions that we then matched with the original survey
responses. We found high levels of consistency across responses (only around 10% of answers
did not match).
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Table A2: APES 2015 sample representativeness and comparison with slum survey
Characteristic
Age
18-25
26-40
41-64
65 and over
Education
None
Incomplete Primary
Primary Completed
Incomplete Secondary
Secondary Completed
Post-Secondary Trade/
Vocational
University Incomplete
University Degree
Gender
Male
Female

2010
Census

APES 2015
Unweighted
Weighted
Distribution Distribution

Slum

20%
32%
34%
14%

20%
30%
37%
12%

18%
35%
35%
11%

25%
36%
32%
7%

0.1%
13%
26%
20%
20%
6%

0.21%
7%
24%
21%
31%
6%

0.2%
5%
18%
15%
30%
15%

2.38%
10%
18%
38%
24%
5%

8%
7%

7%
3%

6%
9%

3%
0.71%

49%
51%

45%
55%

47%
53%

38%
62%

Note: APES 2015 weighted sample includes weights for sex, age, and level of education.
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Table A3: Eight Treatment Categories (Slum Survey)
Susana
Get
Promise
Not voting
50
46
Voting for another candidate
57
57
Total N
107
103

Get
46
47
93

Pedro
Promise
52
46
98

Total N
194
207
401

Note: Each cell shows the numbers of respondents that were exposed to each of the eight
treatment conditions
Table A4: Balance on pre-treatment covariates (Slum Survey)

Age
Female

Susana

Pedro

Diff

Deliver

Promise

Diff

37.85
(0.97)
N=220
0.63
(0.03)
N=211

38.82
(1.13)
N=200
0.60
(0.04)
N=192

0.98
(1.49)

38
(1.14)
N=204
0.61
(0.04)
N=195

38.61
(0.96)
N=216
0.63
(0.03)
N=208

-0.61
(1.49)

-0.03
(0.04)

Table A5: Eight Treatment Categories (APES 2015)
Susana
Get
Promise
Not voting
54
158
Voting for another candidate
132
80
Total N
186
238

-0.03
(0.05)

Get
258
129
387

Not
voting
39.59
(1.07)
N=213
0.62
(0.03)
N=199

Pedro
Promise
183
155
338

Voting
for
other
37
(1.02)
N=207
0.62
(0.03)
N=204

Diff
2.58
(1.48)
0
(0.05)

Total N
653
496
1149

Note: Each cell shows the numbers of respondents that were exposed to each of the eight
treatment conditions. Note that the balance across some of the conditions is not perfect.
Particularly, the randomization of gender seems problematic. Unfortunately, this was caused by a
programing mistake on the implementation of the survey. Table A5, however, shows that balance
on pre-treatment characteristics across groups was still achieved.
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Table A6: Balance on pre-treatment covariates (APES 2015)
Susana
Pedro
(N=424) (N=725)
Age
42.2
42.5
(0.80)
(0.65)
Female
0.53
0.53
(0.25)
(0.02)
3.02
3.01
Relative
Wealth
(0.07)
(0.05)

Diff
0.35
(1.04)
0
(0.31)
-0.02
(0.09)

Deliver Promise
(N=573) (N=576)
41.9
42.9
(0.69)
(0.73)
0.53
0.53
(0.02)
(0.02)
3.08
2.95
(0.06)
(0.06)

Diff
-1.04
(1.01)
0
(0.03)
0.13
(0.09)

Voting
Not
for
voting
other
(N=653) (N=496)
41.8
43.2
(0.67)
(0.77)
0.56
0.50
(0.02)
(0.02)
2.98
3.07
(0.06)
(0.06)

Note: Means (with standard errors in parentheses) for pre-treatment covariates across groups.
Age is measured in years; Female takes the value of one for female respondents, and zero
otherwise; Relative wealth is measured in quintiles of a factored index constructed from a
series of questions about household assets, taking values from 1 to 5 from poorer to richer.
Although the number of respondents in each group is not equivalent, there is balance on pretreatment characteristics across groups. None of the differences in means achieve statistical
significance.
Table A7: Distribution of responses for the list experiment, across treatment and control
SLUM
Control
Treatment
0
2
1%
4
2%
1
13
6%
7
3%
2
45
22% 28
13%
3
141 69% 112 52%
4
2
1%
64
29%
5
0
2
1%
Estimate
0.43***
N
203
217

APES 2015 (WAVE 1)
Control
Treatment
36
7%
37
6%
94
17% 83
14%
202 37% 215 36%
204 37% 227 38%
13
2%
23
4%
0
5
1%

APES 2015 (WAVE 2)
Control
Treatment
25
4%
16
2%
56
9%
59
8%
210 33% 232 33%
286 45% 319 45%
54
9%
37
5%
0
43
6%

0.11*

0.15**

549

Note: *** p <0.01, ** p <0.05, * p <0.1.
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590

631

706

Diff
-1.34
(1.02)
0.06
(0.03)
-0.10
(0.09)

Table A8: Covariates included in the matching
Variable
Age
Female

Could you tell me your age?
Register by enumerators

Education
(0-5)

What’s the highest level of school you have
completed?

Married
# of people
# of children
Employed

Material
Wealth

Peronist
father
AUH
Moratoria

Question

Categories
+18, in years
(1) female, (0) male
(0) No formal education or
incomplete primary, (1)
Complete primary, (2)
Incomplete secondary, (3)
Complete secondary, (4)
Incomplete tertiary or
university, (5) Complete
tertiary or university

What’s your civil status?
(1) Married, (0) otherwise
How many people in total live in your home right
now?
And how many under the age of 18?
Could you tell me how many of the following objects
do you have at home?
Freezer
Cellular phone
Washing machine
Computer
Flat screen TV
When you were younger, did your father identify
with some political party? Which party?
Are you or is someone in your household a
beneficiary of the Asignación Universal por Hijo?
Did you or anyone in your household benefit from
the moratoria previsional?
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1-13
0-8
(1) Employed, (0) otherwise

(1) Yes, (0) No

(1) Peronist father, (0)
otherwise
(1) Yes, (0) No
(1) Yes, (0) No

Table A9: The effect of living in a slum on reporting clientelism, regression results

Living in the
slum
Age
Female
Freezer
Cellular
phone
Washing
machine
Computer
Flat screen TV
Education
Married
# of kids
# of people
Employed
Peronist
father
AUH
Moratoria
Constant

Observations
R-squared

Self-reported clientelism
(1)
(2)
(3)
0.07*** 0.08*** 0.08***
(0.03)
(0.03)
(0.03)
0.00
0.00
(0.00)
(0.00)
-0.00
0.00
(0.03)
(0.03)
-0.10** -0.10**
(0.04)
(0.04)
-0.03
-0.03
(0.05)
(0.05)
0.02
0.02
(0.04)
(0.04)
-0.03
-0.03
(0.03)
(0.03)
-0.04
-0.03
(0.03)
(0.03)
0.01
0.01
(0.01)
(0.01)
-0.02
-0.02
(0.03)
(0.03)
0.02
0.01
(0.02)
(0.02)
-0.00
-0.00
(0.01)
(0.01)
-0.04
-0.04
(0.03)
(0.03)
-0.04
(0.05)
0.07**
(0.03)
-0.02
(0.06)
0.05***
0.11
0.11
(0.02)
(0.10)
(0.11)
468
0.02

468
0.06

468
0.07

Note: *** p <0.01, ** p <0.05, * p <0.1.
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Witnessed clientelism
(4)
(5)
(6)
0.23*** 0.23*** 0.22***
(0.04)
(0.05)
(0.05)
-0.00
-0.00
(0.00)
(0.00)
-0.06
-0.06
(0.05)
(0.05)
0.05
0.05
(0.07)
(0.07)
0.03
0.04
(0.09)
(0.09)
-0.03
-0.04
(0.07)
(0.07)
-0.04
-0.04
(0.05)
(0.05)
-0.01
-0.00
(0.05)
(0.05)
0.00
0.01
(0.02)
(0.02)
-0.01
-0.01
(0.05)
(0.05)
0.03
0.03
(0.03)
(0.03)
-0.02
-0.02
(0.02)
(0.02)
-0.04
-0.04
(0.05)
(0.05)
-0.08
(0.08)
0.07
(0.05)
0.09
(0.10)
0.30*** 0.44*** 0.46**
(0.03)
(0.17)
(0.19)
468
0.05

468
0.07

468
0.07

Question wording (English and Spanish)
Self reported clientelism
During this year, have you received any material benefit—like clothes or food—or personal
favor from a political broker?
Durante este año, ¿recibió usted alguna ayuda material—como ropa o comida—o favor
personal de algún referente político?
Witnessed clientelism
During this year, have neighbors from your neighborhood received any material benefit—like
clothes or food—or personal favor from a political broker?
Durante este año, ¿hubo vecinos en su barrio que recibieron alguna ayuda material—como ropa
o comida—o favor personal de algún referente político?
List experiment
Now I am going to show you a list where various activities related to politics are listed. I would
like for you to tell me HOW MANY of those have you done this year. Do not tell me which
ones, only HOW MANY.
•
•
•
•
•

Saw campaign posters
Talk about politics with someone
Received any material benefit—like clothes or food—or personal favor from a
political broker
Saw campaign adds on TV and radio
Was a candidate for political office

Ahora le voy a mostrar una lista donde figuran varias actividades relacionadas con la política.
Quisiera que me diga CUANTAS de ellas fueron realizadas por usted en este año. No me diga
cuáles, sino CUANTAS.
• Vio carteles de campaña en su barrio
• Habló de política con alguien
• Recibió alguna ayuda material – como ropa o comida – o favor personal de algún referente
político
• Vio publicidad de campaña por TV y radio
• Fue candidato a algún cargo público
Survey experiment
Now imagine that other political broker named [RV1a: Pedro / RV1b: Susana] [RV2a: delivers /
RV2b: promises] an employment plan (plan de empleo) to a neighbor from the neighborhood and
ask him/her to vote for his/her candidate in the next election. The neighbor accepts the
employment plan but on Election Day he/she decides [RV3a: not to vote / RV3b: to vote for
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another candidate]. How likely do you believe it is that the neighbor had any problem [RV3a:
for not turning out to vote / RV3b: for not voting for [RV1a: Pedro / RV1b: Susana]’s
candidate]? (1) Very likely; (2) Somewhat likely; (3) Somewhat unlikely; (4) Not at all likely?
Ahora imagínese que [otro/otra] referente político de nombre [RV1a: Pedro / RV1b: Susana] le
[RV2a: consigue / RV2b: promete] a un vecino del barrio un plan de empleo y le pide que vote
por su candidato en las próximas elecciones. El vecino acepta el plan de empleo pero el día de
la elección [RV3a: decide no ir a votar / RV3b: decide votar por otro candidato. ¿Cuan
probable le parece que es que el vecino tenga algún problema [RV3a: por no haber ido a votar /
[RV3b: por no haber votado por el candidato de [RV1a: Pedro / RV1b: Susana]? (1) Muy
probable; (2) Algo probable; (3) Poco probable; (4) Nada probable
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